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Abstract 

This study investigates the pivotal role of information quality in job descriptions (JDs) and its impact on attracting 

competent, well-fitting talent in the recruitment process. Drawing on Signaling Theory and Person–Job Fit 

Theory, the paper explores how clarity, accuracy, completeness, and contextual relevance of JDs influence 

applicant quality and dropout rates. It compares the effectiveness of job descriptions authored by HR 

professionals, functional managers, and generative AI tools, assessing how authorship shapes information quality 

and, in turn, applicant outcomes. Using a mixed-method approach—literature review, case studies, and a pilot 

survey—the research confirms that high-quality, role-specific JDs significantly improve the match between 

candidates and roles, while vague or AI-generated descriptions, if not carefully edited, may lead to misaligned 

applications and higher attrition. The findings provide actionable insights for organizations on optimizing JD 

practices by aligning content with job realities and strategically integrating AI with human oversight to enhance 

recruitment efficiency and effectiveness. 

Keywords: Job Descriptions, Recruitment Effectiveness, Information Quality, Applicant–Job Fit, Authorship 

Impact, Generative AI. 

 

1. INTRODUCTION 

Job descriptions (JDs) serve as the first filter in the recruitment process, often shaping a 

candidate’s first impression of a role and an organization. A well-crafted JD outlines the role’s 

responsibilities and expectations clearly, helping candidates assess person–job fit before they 

even apply. In contrast, vague or overly generic JDs can deter qualified applicants and attract 

mismatched ones. Industry observations underscore that “badly written and unclear job 

descriptions will get little notice from qualified candidates and too much attention from 

unqualified candidates,” hurting the recruiting outcome. This highlights why the clarity and 

quality of information in JDs are critical for drawing a relevant talent pool. 

Who writes the job description, and why does authorship matter? In practice, JDs may be 

written by different parties – HR professionals, hiring managers (functional heads), or even 

generated by AI tools. Authorship can influence a JD’s effectiveness because each author 

brings a different perspective. For example, an HR department might use standardized 

templates and formal language, ensuring consistency but sometimes lacking specific technical 

details. A functional head (e.g. a team or department manager) likely has deeper insight into 

role-specific nuances, potentially writing a JD with greater accuracy and realism in describing 

day-to-day work. There is also cross-company variation: a recent Mercer survey found that JD 

ownership is split – in some companies HR or compensation teams maintain JDs, while in 

others the business-unit managers own that responsibility. This variability suggests that who 

authors the JD could impact its clarity, accuracy, and relevance. In recent years, generative 

Artificial Intelligence has emerged as a new “author” of JDs. AI can rapidly produce draft 

postings with polished language, but there are open questions about how well AI captures the 

true context of the job and organizational culture. 
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Research objectives and hypotheses: This paper examines how the quality of information in 

job descriptions affects the caliber and fit of applicants attracted. The focus is on key 

information quality facets – clarity, detail, accuracy, timeliness, etc. – as well as JD authorship 

(including the use of AI in writing JDs). Four hypotheses guide the research: 

• H1: Higher information quality in job descriptions leads to a more relevant and 

competent applicant pool. 

• H2: AI-generated job descriptions improve language and formatting quality but may 

reduce applicant–job fit due to lack of contextual accuracy. 

• H3: Job descriptions written by functional heads (hiring managers) result in higher 

applicant quality and lower applicant drop-off rates than those written by HR personnel 

or generated by AI. 

• H4: Applicants actively evaluate job descriptions against their personal job expectations; 

thus, inaccurate or misleading JDs lead to candidate back-outs (withdrawals) at later 

stages of the hiring process. 

These hypotheses reflect prevalent views in both academic literature and industry. Prior studies 

suggest that richer and more credible information in job ads can improve applicant pool quality 

(Dineen & Allen, 2016; Allen et al., 2007). Indeed, organizations that invest effort in crafting 

clear, accurate JDs have been shown to attract better matches for their roles, reducing the 

“noise” of unqualified resumes. At the same time, many organizations are experimenting with 

AI for efficiency despite concerns about applicant fit and the loss of human touch (SHRM, 

2024a; Dixon, 2023). It is often assumed that hiring managers, being closer to the role, craft 

more targeted postings, and that misaligned expectations from inaccurate JDs can cause new 

hires or late-stage candidates to drop out upon realizing the mismatch. 

Academic and practical relevance: By analyzing JD information quality and authorship, this 

study sheds light on how organizations can better attract the right talent and avoid common 

pitfalls. The analysis is underpinned by two key theoretical perspectives – Signaling Theory 

and Person–Job Fit Theory – which are introduced in the next section. The remainder of the 

paper then presents a review of recent literature, a visual conceptual framework linking JD 

authorship and quality to applicant outcomes, an overview of our methodology (including case 

studies and a pilot survey), followed by findings and discussion (with cross-industry and 

cultural considerations), and concludes with practical recommendations, as well as limitations 

and suggestions for future research. 

 

2. THEORETICAL FRAMEWORK 

2.1 Signaling Theory in Recruitment 

Signaling theory (originating with Spence, 1973) proposes that in situations of information 

asymmetry, one party communicates signals that the other party interprets to make inferences. 

In the hiring context, job seekers have incomplete information about roles and organizations, 

so they use the content and quality of job descriptions as signals about the job and the employer. 

A clearly written, detailed JD signals that the company is organized and that the role is well-

defined, whereas a vague JD might signal disorganization or a lack of transparency. Research 

has shown that recruitment-related information can shape applicant perceptions of 

organizational attractiveness and job suitability (Allen et al., 2007). For instance, Dineen and 

Allen (2016) found that providing credible, specific information in job ads led to higher-quality 

applicants, partly because detailed JDs signal an honest portrayal of the role and thus attract 
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self-selecting candidates who appreciate that credibility. In essence, the JD is a signaling 

mechanism: it sends messages about what the job entails, what the employer values, and even 

the company’s culture or priorities (through tone and content). Signaling theory would predict 

that higher information quality in JDs sends positive signals that attract better-fitting 

applicants, whereas low-quality information (or misleading signals) can either drive away 

strong candidates or attract individuals who later realize the mismatch. 

From a signaling perspective, authorship of the JD also matters because different authors may 

emit different signals. An AI-generated JD might signal a modern, tech-savvy approach (or, 

negatively, an impersonal process), whereas a manager-written JD might signal authenticity 

and accurate insight into the role. Likewise, a professionally polished HR-written JD might 

signal organizational professionalism and clarity in processes. Job seekers, especially 

experienced ones, are adept at “reading between the lines.” They notice signals like overly 

generic language (which might suggest a boilerplate posting that hasn’t been carefully 

customized) or extremely florid language (which might suggest the company is trying very 

hard to sell something, possibly indicating challenges). According to signaling theory, aligning 

the signals (the JD content) with reality is crucial – false signals (e.g., portraying the job as 

something it is not) can lead to dissatisfaction and turnover when the truth comes out, as 

hypothesized in H4. Thus, to attract and retain the right talent, the signals in the JD must be 

accurate and meaningful. 

2.2 Person–Job Fit Theory 

Person–Job (P-J) Fit theory focuses on the compatibility between an individual and the specific 

job or tasks they will perform. A high person–job fit means the candidate’s knowledge, skills, 

and abilities (KSAs) meet the job’s requirements, and simultaneously the job fulfills the 

individual’s needs or preferences (e.g. for challenge, work conditions). P-J fit is commonly 

defined as the match between characteristics of the person and those of the job or task. 

According to this theory, candidates actively seek information to evaluate how well they would 

fit a role, and employers benefit when candidates accurately self-assess fit. A clear and detailed 

JD essentially functions as a realistic job preview, allowing potential applicants to gauge their 

fit. If the JD outlines the core duties, necessary qualifications, and even the work context, 

candidates can better decide whether they have the requisite competencies and interest. High 

information quality in JDs should therefore improve person–job fit in the applicant pool by 

encouraging the right people to apply and discouraging those who are not a fit. This self-

selection mechanism is supported by recruitment research: when candidates understand the 

role, those who feel unqualified or uninterested are less likely to apply (improving overall 

applicant quality), while those who do apply are more likely to closely match the job criteria. 

Person–Job Fit theory also implies downstream benefits: employees whose jobs align with their 

capabilities and expectations tend to perform better and stay longer in the organization (Kristof, 

1996). Conversely, misfit – such as when a job turns out to be very different from what the 

candidate expected – can lead to poor performance, dissatisfaction, and early turnover. In our 

context, an inaccurate JD undermines person–job fit: it might attract candidates who fit 

what was advertised but not the reality, leading to frustration (hence H4 on candidate back-

outs and turnover). Aligning JDs with reality (accuracy, completeness) ensures that those who 

join have a higher person–job fit, which is linked to better work outcomes. Indeed, Allen et al. 

(2007) emphasize that truthful information during recruitment helps attract the right people 

(those who fit). Thus, person–job fit serves as a guiding rationale for H1, H3, and H4 – the 

idea that improving JD information quality and involving functional experts in JD writing will 
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yield applicants who more closely match the job, and that misrepresentation in JDs will cause 

fit issues and drop-offs. 

2.3 Conceptual Framework and Key Constructs 

Bringing together the above theories, we develop a conceptual framework wherein JD 

authorship influences the quality of information in the JD, which in turn affects applicant 

outcomes such as applicant quality (competence), applicant–job fit, and candidate dropout 

rates. Figure 1 illustrates this framework. In brief, who writes the JD (HR vs. Manager vs. AI) 

is posited to shape how clear, detailed, and accurate the JD is. That information quality then 

impacts the applicants: a high-quality JD should attract a smaller, more qualified and better-

fitting pool (and reduce later-stage withdrawals), whereas a low-quality JD may either fail to 

attract strong candidates or attract a surplus of poorly fitting candidates (leading to more 

screening work and higher drop-out/turnover due to mismatches). This framework 

encompasses our H1 through H4. For instance, H3 expects manager-written JDs to yield better 

outcomes (presumably through higher information quality), and H2 expects AI-written JDs to 

have mixed outcomes (good language but potentially lower fit due to context gaps). 

Figure 1. Conceptual framework linking JD authorship to JD information quality to applicant 

outcomes. Solid arrows indicate the hypothesized causal direction: who authors the JD 

influences the clarity, detail, and accuracy of the JD (information quality), which in turn affects 

applicant outcomes (such as applicant quality/competence, applicant–job fit, and drop-out 

rates). 

Several key constructs in this framework are operationalized as follows (see Table 1 for 

additional context in comparing authorship types): 

• JD Information Quality: The clarity, completeness, accuracy, relevance, and currency of 

information in the job description. In practice, this can be measured by expert ratings or 

checklists (e.g., does the JD clearly list responsibilities, required qualifications, truthful 

details?). High-quality JDs are clear (unambiguous language), complete (cover all essential 

information), accurate (reflect actual job realities), relevant (focused on pertinent job 

specifics), and current/timely (up-to-date and provided when needed). Lower quality on any 

of these dimensions can hurt recruitment outcomes. 

• Applicant Quality: The caliber of applicants, often indicated by their qualifications, 

experience, or performance in selection stages. A “high-quality” applicant pool means a 

higher proportion of candidates meet or exceed the job requirements. For example, in one 

case, 50% of applicants met basic qualifications when the JD was written by a manager, 

versus only 25% when written by HR. We use metrics like the percentage of applicants 

meeting basic qualifications, average applicant skill match, or interviewer ratings of 

candidates to gauge applicant quality. 

• Applicant–Job Fit: How well applicants’ skills, interests, and expectations align with the 

job’s duties and offerings. This is somewhat related to quality, but distinct: fit emphasizes 

the right match for this specific role (someone could be high-quality in general but a poor 

fit for a particular job). Fit can be assessed by outcomes like interviewers’ judgment of “fit,” 

candidate self-assessments, or post-hire indicators (e.g., “job exactly met description” 

feedback). A proxy measure is the drop-off rate: if many candidates withdraw after learning 

more, it signals a fit issue or unmet expectations. In surveys, 61% of employees have 

reported that aspects of their new job differed from the description, highlighting widespread 

fit/misrepresentation issues. 



 
 

Theme 1 – Recent Advancement in Digital World, Economics and Entrepreneurship   110 

Accountancy Business and the Public Interest 
ISSN: 1745-7718 

www.abpi.uk  

Special Issue  
Theme 1 May 2025 

www.abpi.uk    

• Candidate Drop-Out Rate: The proportion of candidates who voluntarily exit the hiring 

process before completion (or decline offers), which can indicate dissatisfaction or surprise. 

High drop-out rates are often linked to misalignment or poor communication. For example, 

if a JD misleads candidates, they may drop out upon discovering the truth in interviews. In 

one scenario, around one-third of candidates withdrew primarily due to discrepancies 

between the JD and reality. A low drop-out rate, conversely, suggests the hiring process is 

meeting candidate expectations (a sign of good fit/transparency). 

• Authorship of JD: Categorical variable indicating who wrote the JD – Human Resources, 

Hiring Manager/Functional Head, or AI-generated (with minimal human editing). This 

factor can be linked to different patterns in the above constructs. We qualitatively assess 

authorship influence via case studies and compare characteristics (as in Table 1). For 

instance, manager-authored JDs tend to contain more role-specific detail (higher 

accuracy/relevance), HR-authored JDs are consistent and polished but perhaps more 

generic, and AI-authored JDs are well-formatted but require prompt guidance to achieve 

accuracy. 

Differentiating applicant quality vs. fit: It’s important to distinguish quality from fit. In our 

analysis, applicant quality refers to general competence and qualifications (education, 

experience, skill level) – essentially, how capable the candidates are. Applicant–job fit 

specifically means how well those candidates match the particular job’s requirements and the 

likelihood they will thrive in that role. A candidate could be high-quality (e.g., very talented) 

but a poor fit for the job if their skills or work style don’t align with the role (for example, an 

overqualified engineer applying for a basic technician role may be high quality but not a good 

fit, potentially leading to dissatisfaction). Our hypotheses consider both: H1 and H3 are 

primarily concerned with getting a competent and relevant (fit) applicant pool, while H2 and 

H4 emphasize fit issues (AI potentially lowering fit, and inaccurate JDs causing misfit and 

drop-outs). In practice, we aim for an applicant pool that is both high quality and high fit – 

the right talent for the role. 

Having established the theoretical basis and defined our constructs, we now turn to a review of 

recent literature, which further grounds these ideas and provides empirical context (including 

how JD quality dimensions are characterized and the emerging role of AI). The section 

concludes with Table 1, comparing different JD authorship approaches across quality criteria, 

synthesizing insights from literature and setting the stage for our hypotheses tests. 

 

3. LITERATURE REVIEW 

3.1 The Role of Job Descriptions in Applicant Pool Quality 

Job descriptions play a pivotal role in shaping the quality of the applicant pool in terms of 

candidates’ relevance and competence for the role. A clear and detailed JD acts as both a 

magnet and a sieve – attracting suitable candidates while filtering out those who are not a good 

fit. Key elements that determine a JD’s effectiveness at this filtering include its clarity, level of 

detail, accuracy, and the perspective from which it’s written (authorship). 

Clarity and detail: Clarity in a JD means the responsibilities, required skills, and expectations 

are plainly described without ambiguity. Detailed role descriptions (e.g. listing specific tasks, 

reporting structure, performance expectations) help candidates self-assess their fit. When 

essential information is missing or unclear, candidates may misunderstand the role or feel 

unsure about applying. Dineen and Allen (2016) note that providing credible, specific 

information in recruitment messages can significantly enhance the quality of applicants who 
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respond. Their study on “Best Places to Work” certifications found that richer information 

about an employer (in that case via third-party endorsement) increased the quality of the 

applicant pool. While their work was about an employer branding signal, the underlying 

principle applies to JDs: more informative and trustworthy content attracts better-fit candidates. 

Conversely, industry surveys show that murky job descriptions can backfire. According to 

a hiring best-practices report, unclear JDs tend to repel well-qualified talent while inadvertently 

attracting individuals who may not meet the requirements. This misalignment occurs because 

qualified professionals often skip over postings that don’t make the role evident, whereas less-

qualified candidates might “give it a shot” due to the vagueness. In summary, high JD 

clarity/detail correlates with a higher proportion of suitable applicants (supporting H1), as 

candidates can make informed decisions about their fit. 

Accuracy and honesty: An accurate JD truthfully represents the role and qualifications 

needed. This includes using the correct job title, describing responsibilities that reflect reality, 

and specifying requirements that are actually necessary. If a JD is inaccurate – for instance, 

stating outdated responsibilities that the role no longer involves or misrepresenting the seniority 

or travel required – it can mislead candidates and lead to poor hiring outcomes. Accuracy sets 

proper expectations; as one data quality guide succinctly asks, “Is the information correct in 

every detail?”. Untruthful or inflated JDs might attract candidates under false pretenses, leading 

to dissatisfaction later (this connects to H4 on candidate back-outs). Research on realistic job 

previews and transparency in recruitment shows that offering realistic (even if not 100% 

positive) information yields better fit and retention of new hires, because candidates self-select 

with eyes open (Allen et al., 2007; Boddy, 2024). For example, an HR insights piece by Boddy 

(2024) warns that misrepresenting aspects of the job (like describing mandatory legal benefits 

as if they are special perks) can damage recruitment outcomes and employer trust. Candidates 

appreciate honesty; signaling challenges along with opportunities tends to attract those who are 

up for the challenge and repel those who aren’t, ultimately improving fit. Thus, accuracy and 

honesty in JDs improve applicant quality/fit and reduce drop-offs (supporting H1 and H4). We 

later see evidence that organizations with more transparent JDs have lower candidate 

withdrawal rates. 

Authorship perspective: The perspective from which the JD is written can influence its 

clarity, detail, and accuracy. As discussed, a hiring manager (functional expert) might include 

very role-specific details (boosting relevance and accuracy), whereas HR might ensure clarity 

and completeness from a policy standpoint, and AI might produce a well-structured but 

somewhat generic description. Literature suggests that functional-authored JDs often 

produce higher applicant relevance because they speak the technical language of the role 

(e.g., a JD written by an engineering manager will list the exact technologies and challenges, 

drawing in engineers who specialize in those areas). However, if not edited, such JDs might 

include jargon or assume context that outsiders lack. HR-authored JDs, on the other hand, excel 

in consistency and accessibility – they are usually formatted and phrased in a standard way that 

most candidates can understand, and they ensure no key sections (like company info or legal 

EEO statements) are missing. These might cast a wider net, albeit with less specialized 

targeting. AI-authored JDs (a very recent phenomenon covered in Section 3.3) provide a new 

angle in literature: early experiments (Knowles, 2024) indicate AI can produce remarkably 

clear and structured JDs quickly, but the content might be overly broad or not perfectly aligned 

with the specific job. This again ties to clarity (AI is good at clarity of language) versus 

accuracy (AI may lack context), a balance explored under H2. Overall, the literature 

underscores that the content and quality of a JD are crucial for applicant pool outcomes – 

hence our hypothesis H1 that better information quality yields a better applicant pool. 



 
 

Theme 1 – Recent Advancement in Digital World, Economics and Entrepreneurship   112 

Accountancy Business and the Public Interest 
ISSN: 1745-7718 

www.abpi.uk  

Special Issue  
Theme 1 May 2025 

www.abpi.uk    

Before delving into AI and authorship differences, it’s useful to formalize what we mean by 

“information quality” in job descriptions. The next subsection outlines a framework of five key 

quality dimensions (completeness, accuracy, relevance, timeliness, and currency) as applied to 

JDs. These dimensions, derived from information science, will help us evaluate the strengths 

and weaknesses of different JD writing approaches (and are later used in Table 1 to compare 

HR vs. manager vs. AI-written JDs). 

3.2 Five Key Dimensions of JD Information Quality 

Information quality is often analyzed along specific dimensions. In the context of job 

descriptions, we can define five key dimensions of quality – Completeness, Accuracy, 

Relevance, Timeliness, and Currency – adapting concepts from data quality frameworks. 

These dimensions help in assessing how well a JD communicates what it needs to. 

• Completeness: Does the JD contain all the necessary information about the position? A 

complete job description covers the core duties, required and preferred qualifications, work 

conditions (location, schedule, travel, etc.), and contextual information about the employer 

or team. Completeness asks, “Has nothing important been omitted?”. For example, listing 

the primary responsibilities and essential skills is crucial; if a JD leaves out key tasks or 

criteria, candidates may be uncertain about the role or the hiring team may receive 

applications from people unaware of some requirements. High completeness means an 

applicant reading the JD gains a comprehensive understanding of what the job entails. An 

incomplete JD, say one that fails to mention that travel is required or that the role is contract-

based, can lead to nasty surprises and candidate withdrawals later (relating to H4). In 

practice, HR departments often use checklists or templates to ensure completeness (HR-

written JDs tend to score high here). 

• Accuracy: Are the details in the JD correct and reliable? Accuracy means the JD truthfully 

represents the role and needed qualifications. This includes using a precise job title, 

describing current responsibilities (not copy-pasting from an outdated description of the 

role), and specifying requirements that are actually relevant. Inaccuracies can range from 

minor (typos, outdated software versions listed) to major (describing duties that don’t match 

the actual job, or mis-leveling the role). For instance, calling a position a “Manager” when 

it’s actually an individual contributor role would mislead candidates about responsibilities 

and could attract the wrong level of applicant. Accuracy is critical because it sets 

expectations; an inaccurate JD sets the stage for misalignment – candidates may apply 

thinking the job is X, only to find during interviews or after hiring that it’s Y (leading to H4 

outcomes). Ensuring accuracy usually requires input from someone who knows the role well 

(this is where manager involvement is key, supporting H3). Companies that update JDs 

regularly and validate them with hiring managers (and current job holders) tend to have 

more accurate descriptions. 

• Relevance: Is the information included pertinent and useful for the purpose of hiring? 

Relevance measures whether each part of the JD helps a candidate determine their fit and 

interest, and helps the employer attract the right talent. A relevant JD focuses on what truly 

matters to performance and attraction. Including irrelevant information or excessive “filler” 

(corporate jargon, too much generic marketing fluff) can dilute a JD’s effectiveness. For 

example, a lengthy company history or a generic boilerplate about company values might 

be less relevant than specifics of the role or team culture (though a brief context can still be 

useful). An overly verbose JD might obscure the key points a candidate is looking for. Every 

section of the JD should serve a clear purpose – either defining the job or enticing the 
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right candidate. If candidates find sections of a JD irrelevant or confusing, they may tune 

out or even be deterred (e.g., a highly skilled IT professional might be put off by a JD that 

spends paragraphs on company philosophy but says little about the actual tech stack or 

projects). Relevance also ties to tailoring: a JD should be tailored to the role’s unique 

aspects, not just a generic template, to attract candidates who resonate with those specifics. 

In comparing authors: manager-written JDs often excel in relevance for specialist candidates 

(they include the technical details that matter), whereas HR or AI-generated JDs might 

include more generic content unless carefully refined. 

• Timeliness: Timeliness refers to information being available at the right time – in the JD 

context, this can mean two things. First, process timeliness: the JD is prepared and 

published in time to meet the hiring need (not a stale posting that lingers or goes up too late). 

Second, content timeliness: any time-sensitive information (application deadlines, 

intended start date, etc.) is included, and the info reflects the current state of the role. 

Essentially, a timely JD reflects the current hiring need and is provided when candidates 

need it. If a company significantly changes a role but reuses an old JD months later without 

updating, that’s a timeliness/currency issue. Timeliness also touches on how frequently JDs 

are reviewed and revised – organizations that keep JDs updated continuously (e.g., after 

performance cycles or when roles evolve) ensure that whenever a vacancy arises, the JD is 

already current. An example of timeliness in practice: if a JD mentions “applications will 

be reviewed starting Oct 1” or “priority given to applications by X date,” it guides candidates 

appropriately. From an authorship angle, functional managers are often first to know 

when role requirements change, so if they are empowered to update JDs promptly, 

timeliness improves. HR might have formal revision cycles but could lag if not prompted. 

AI can generate a JD quickly (so process-wise very timely), but it only knows what it’s told 

– if given outdated input, it can spit out an outdated JD very fast (timely in delivery, not in 

content). 

• Currency: Currency is closely related to timeliness, but specifically emphasizes that the 

JD’s content is up-to-date as of now. A JD has high currency if it has been recently reviewed 

and contains no outdated data. For example, if the JD references a software that the team 

phased out last year, that’s a currency problem. Or if it describes the team as having 5 

members when it actually grew to 10, candidates might be misled about team size. 

Maintaining currency means regularly refreshing JDs to remove obsolete requirements 

and add new expectations. This is especially vital in fast-moving fields (tech, healthcare, 

etc.), where an out-of-date JD might not only attract the wrong talent but could also signal 

that the company is behind the times. Industry data suggests many companies struggle with 

JD currency: for instance, a Mercer 2024 survey found 49% of companies admitted their 

JDs may not be fully accurate or up-to-date. In practice, ensuring currency is a shared 

responsibility – HR can prompt updates, but managers know the day-to-day changes. AI, 

interestingly, can help here if fed current info (or even by using tools to ensure terminology 

is current). One risk: if JDs are left to “rot” in a database, using AI to regenerate them might 

propagate old info unless someone updates the prompt. Deloitte (2023) noted that 

organizations undergoing reorganization must update each JD, otherwise they risk recruiting 

people for jobs that have changed or no longer exist in that form. 

These five dimensions provide a framework for analyzing JD quality. A high-quality job 

description ideally scores well on all: complete (covers all key points), accurate (truthful and 

correct), relevant (contains pertinent details without fluff), timely (available when needed and 

indicates any time-sensitive info), and current (reflects the job’s present reality). If any of 
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these dimensions are lacking, the effectiveness of the JD in attracting the right talent can suffer. 

For example, an otherwise well-written JD that hasn’t been updated (low currency and 

timeliness) might advertise skills that are no longer needed – leading to confusion or attracting 

candidates with the wrong skill set. Or a very detailed JD that is complete but uses inaccurate 

job titles or glosses over challenging aspects could mislead candidates, leading to 

dissatisfaction later. 

It is also instructive to see how these quality dimensions vary with JD authorship approaches. 

Different authors may prioritize or naturally excel at different dimensions. For instance, Table 

1 (below) compares how AI-generated vs. HR-written vs. manager-written JDs fare on 

these quality dimensions and other attributes, based on literature and reported experiences (see 

Section 3.4 for discussion). Generally, best practices in HR advise ensuring completeness and 

accuracy through collaborative input (HR + functional managers). No single approach is 

perfect on all fronts, but understanding these dimensions helps organizations decide how to 

leverage AI or who should take lead in JD writing to maximize overall quality. 

3.3 Generative AI in Job Description Writing 

The rise of generative AI tools (like OpenAI’s GPT-4/ChatGPT, Jasper, etc.) has introduced 

new possibilities and challenges for writing job descriptions. By inputting a prompt, HR teams 

can now produce a draft JD within seconds, potentially improving efficiency and consistency. 

This section evaluates the pros and cons of AI-generated job descriptions, drawing on real 

data and reports from 2023–2024 on how organizations are using AI in this domain. 

Pros – Efficiency and Language Quality: One clear advantage of using AI for JD writing is 

speed and productivity. AI can generate a structured, grammatically correct job description 

extremely quickly, saving recruiters time on drafting (Knowles, 2024). In fact, a 2024 SHRM 

survey found that among organizations using AI in their recruitment process, nearly 2 in 3 use 

AI specifically to help generate their job descriptions. This indicates broad uptake of AI for 

this task, primarily to save time and ensure consistency. AI tools often produce JDs in a 

consistent format – typically including a clear job summary, a bulleted list of responsibilities, 

and required qualifications. Abby Knowles (2024) of SHRM observed that AI-created JDs had 

well-organized sections (summary, responsibilities, qualifications) which could serve as a solid 

template. The language was polished and free of spelling or grammatical errors, and the AI was 

able to include general role-related points that a human writer might accidentally omit when 

rushing. This level of language quality and structural consistency is a strong point of AI-

generated content. Moreover, AI can be a creativity aid; if asked, it can produce engaging or 

even “fun” job descriptions with a unique tone. For example, in a SHRM experiment, an AI 

generated a quirky posting for a “Chief Fun Officer” role as a creative exercise. Such creativity 

might help companies stand out to candidates (though, as discussed shortly, it has a flip side 

regarding clarity and seriousness). Another benefit is that AI can help optimize JDs for search 

engines (SEO) and potentially remove certain biases in wording if instructed properly. AI can 

be prompted to use inclusive language (avoiding gender-coded words) and can flag 

requirements that seem unnecessarily restrictive (like requiring a degree for a role that might 

not truly need it). For instance, an AI might suggest using the term “Senior Software 

Developer” instead of an internal title “Software Developer III” to better match common search 

terms. It might also highlight that a “must have 10 years experience” requirement could reduce 

the candidate pool if not truly needed. A Deloitte 2023 analysis noted that many HR leaders 

see GenAI as a tool to increase efficiency, allowing HR to focus on more strategic tasks (like 

engaging candidates). Indeed, 88% of workers in one survey said they were comfortable with 

generative AI assisting in aspects of their job, which would include content generation for 
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things like JDs (IBM HR Report, 2023). In summary, the pros of AI-generated JDs include 

speed, format consistency, elimination of typos, and even the ability to generate multiple 

versions or tones for a job ad in seconds (giving recruiters more options to choose from). These 

strengths support the notion in H2 that AI can improve the language/formal quality of JDs. 

Cons – Contextual Accuracy and Fit: Despite these advantages, AI-generated JDs come with 

notable downsides, especially regarding contextual accuracy and the nuance needed for a 

good applicant–job fit. AI models generate text based on patterns in training data, not from 

direct knowledge of the specific job or company (unless that context is fully provided in the 

prompt). Thus, the content can be generic or misaligned with the actual role. For instance, AI 

might insert duties or requirements that sound plausible for a given title but don’t truly apply 

to the job at hand. In the SHRM (2024) experiment, while the AI drafts were well-formatted, 

the summaries were found lacking – they needed a “human touch” to expand and refine them 

for the specific organization. When the AI was asked to be creative (producing unconventional 

job postings), the results were humorous but “don’t provide much clarity and could be 

confusing to candidates” (Knowles, 2024). This illustrates how AI, if not guided carefully, 

might prioritize style or generality over substance, or deviate from a factual description. A 

major concern is that AI lacks situational context. It doesn’t inherently know which 

responsibilities are truly essential versus peripheral, or which technologies a company actually 

uses, unless detailed in the prompt. Without very specific prompts, an AI might produce a JD 

that is superficially polished but misrepresents the role – for example, listing “manage a team 

of 5” when the position has no direct reports, or omitting key domain-specific tasks because 

they are uncommon in the AI’s training data. This can negatively affect applicant–job fit 

(supporting H2’s caveat): candidates hired based on an AI-written JD might later find the job 

is different from what was described, because the JD wasn’t tailored correctly. Human 

oversight is required. An article aptly titled “Generative AI Writing Job Descriptions: Adult 

Supervision Required” (Dixon, 2023) emphasizes that while AI can draft JDs, the results “still 

need human review and edits”. Experts advise using AI as a first-draft generator – to pull 

common skills and baseline content – but then having HR or the hiring manager refine it to 

ensure accuracy and company-specific context. Sarah Tilley, a talent acquisition lead, noted 

that AI’s content is only as good as its training data and prompts, and it can inadvertently 

introduce biases or mistakes. For example, if the AI’s training data often saw “5+ years 

experience” for certain roles, it might add that by default even if the hiring manager would 

accept less. Or it might use masculine-coded language (e.g., “competitive drive”) if not 

checked, subtly affecting who applies. 

Another downside is AI’s limitation in capturing cultural and intangible aspects. AI might 

not convey the employer’s unique value proposition or team culture in the JD unless explicitly 

instructed. It tends to be factual and neutral. While it can articulate duties well, it might miss 

the tone or excitement a hiring manager could convey about why the role is impactful. This 

lack of personalization could make AI-written JDs less engaging or authentic to savvy 

candidates. Some candidates can even recognize an AI-generated, template-like posting and 

may find it off-putting (it might signal an impersonal recruitment approach). Moreover, as 

hypothesized, AI-written JDs could potentially cast too wide a net or the wrong net: because 

they lack nuance, they may attract a high volume of applications (due to generic appeal) but 

with a lower ratio of truly qualified candidates who resonate with the specifics. Recruiters then 

have to sift through more noise, partially negating the efficiency gained upfront. In evidence, 

SHRM (2024) reported that recruiters found AI-written postings yielded slightly lower ratios 

of highly qualified applicants, aligning with our Case 1 finding that AI-generated JDs increased 

volume but lowered precision of fit. 
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Prompt engineering and adaptation: The issues above are not inherent flaws of AI but reflect 

how it’s used. Organizations are learning to mitigate these cons by prompt engineering – 

providing more detailed and contextual prompts to get more tailored outputs – and by fine-

tuning or customizing AI models on their own job data. For instance, instead of prompting, 

“Write a job description for a Project Manager,” recruiters now add context: “Write a job 

description for a Project Manager in a pharmaceutical company’s R&D division (managing 

clinical trial projects), requiring knowledge of FDA regulations.” This yields a more specific 

posting that draws the right crowd. IBM’s HR report (2023) emphasizes training AI on 

company-specific data to improve contextual accuracy. Essentially, AI’s evolving role includes 

adaptive learning – some companies feed previous successful JD-and-hire pairs into AI to 

teach it what a good, realistic JD looks like for them. Fine-tuning foundation models on a 

company’s terminology and roles can significantly improve the relevance of AI-generated JDs. 

This is an emerging practice: enterprise AI platforms (like IBM Watsonx) now offer tools to 

fine-tune and deploy AI models for HR purposes, which can include JD writing with a 

company’s own tone and vocabulary. Over time, as these practices improve, we expect the gap 

in applicant fit between AI-generated and human-crafted JDs to narrow. In the interim, the 

consensus is clear: AI is a powerful assistant, but not a replacement for human judgment in 

JD creation. As Lauren Dixon (2023) concluded, AI-written job descriptions require “adult 

supervision” – meaning human experts must guide the AI with good prompts and critically 

review the output to ensure it reflects the true role and will attract the right candidates. 

Real data points: The SHRM 2024 Talent Trends survey provides insight into how 

organizations view these trade-offs. It found that 89% of organizations using AI for hiring do 

so primarily to save time, allowing HR to prioritize tasks requiring human intelligence (like 

interviews and relationship-building). However, notably 40% expressed concern that AI “lacks 

the human touch” in contexts like recruitment content. This encapsulates the idea that AI might 

miss finer points of accuracy or emotional appeal. Another report by IBM’s HR division (2023) 

suggested innovative uses of AI to augment JDs rather than write them blindly – for example, 

using AI chatbots to answer candidate questions about a JD, or to dynamically personalize JDs 

to different audiences (some advanced career sites can tweak a posted JD depending on the 

viewer’s background). IBM implies that AI can help provide clarity in real-time if the JD text 

itself doesn’t cover something. But ideally, the JD should be clear enough on its own so that 

candidates don’t need to ask additional questions. 

Bias and ethical considerations: Bias is a concern with AI-generated content. If not 

instructed, AI might use masculine-coded words for leadership roles (“driven, dominant”) or 

assume certain physical requirements without basis, reflecting biases in training data. This can 

subtly discourage some candidates (e.g., female candidates might be less likely to apply to ads 

with masculine wording). Organizations like Deloitte (2023) have cautioned that without 

careful tuning, generative AI might actually reduce diversity in applicant pools by producing 

standard-sounding JDs that appeal to a narrow demographic. On the flip side, if used with bias-

mitigation prompts, AI could also help identify biased language and suggest neutral alternatives 

– showing that whether AI’s influence is positive or negative depends on how it’s used. This 

raises ethical implications (explored later in Section 4.5) around the use of AI in recruitment: 

practitioners must be vigilant that AI tools do not inadvertently reinforce bias or mislead 

candidates. 

In summary, generative AI offers powerful tools to streamline JD creation and improve basic 

language quality, supporting the notion in H2 that it improves language/formatting quality. Yet 

the lack of contextual accuracy and nuance is a real pitfall – one that can lead to decreased 
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applicant–job fit if not addressed. Many organizations are finding a middle ground: use AI for 

the first draft to gain efficiency, then rely on hiring managers and HR to inject the context and 

distinct details that make the JD accurate and compelling. This hybrid approach aligns with the 

idea that combining AI capabilities with human insight can yield the best results (as we 

hypothesize in a sense across H2 and H3). The evolving practice of prompt engineering and 

iterative refinement is key – by treating AI as a collaborator that needs guidance, organizations 

can increasingly harness its benefits while controlling for its weaknesses. Section 5 

(Recommendations) provides additional strategies for effectively integrating AI into JD writing 

(such as training staff in effective prompt use, and instituting human review as a mandatory 

step). 

3.4 Comparing AI-Generated, HR-Written, and Manager-Written JDs 

Each approach to writing job descriptions – whether by AI, by HR professionals, or by 

functional department heads – has distinct strengths and weaknesses across the quality 

dimensions discussed, as well as different impacts on applicant outcomes. Table 1 provides a 

comparative overview of JD quality attributes by author, synthesizing insights from the 

literature and industry reports: 

Table 1: Comparison of Job Description Characteristics by Authorship 

Quality Attribute AI-Generated JD HR-Written JD 
Functional Head-Written 

JD 

Completeness 

(Coverage of key info) 

High (with prompt): 

Tends to include 

standard sections 

(duties, qualifications) 

and can list common 

requirements. May 

omit role-specific 

nuances not in prompt. 

High: HR usually 

ensures all formal 

requirements and 

sections are covered 

(following 

templates/checklists). 

Often adds boilerplate 

about company, EEO, 

etc., to ensure 

completeness. 

Variable: Could be very 

high if the manager 

thoroughly outlines all 

aspects. However, some 

managers might assume 

certain knowledge and omit 

context (e.g., not 

explaining acronyms), 

potentially leaving gaps. 

Collaboration with HR is 

often needed for full 

completeness. 

Accuracy (Reflecting 

actual job needs) 

Moderate to Low 

(without editing): 

Descriptions can sound 

plausible but may 

include inaccuracies or 

generic points not true 

for the specific job. 

Lacks firsthand 

knowledge, so any 

inaccuracy in prompt 

or training data can 

propagate. Requires 

human fact-checking 

(Dixon, 2023). 

Moderate: HR relies on 

input from hiring 

managers; they typically 

get the basics right but 

might generalize. Core 

factual elements (job title, 

level, etc.) are usually 

correct, but technical 

accuracy can suffer if HR 

doesn’t fully grasp the 

role. 

High: The hiring 

manager/functional lead 

knows the role intimately, 

so content is usually 

accurate about day-to-day 

duties and expectations. 

They can describe the 

realities of the job (e.g., 

challenges, tools, projects) 

more precisely. (However, 

if a manager has biases or 

idiosyncratic views, those 

could color the JD – e.g., 

overstating a requirement 

based on personal 

preference.) 

Relevance (Focus on 

pertinent details) 

Moderate: AI may 

include some 

irrelevant or “fluff” 

content (e.g., overly 

broad corporate speak 

or common 

High: HR is generally 

trained to keep JDs 

professional and 

pertinent to attracting 

candidates. They focus on 

relevant qualifications 

High (for specialists): 

Functional heads will 

emphasize what they find 

important – often very 

relevant technical or team-

specific information (e.g., 
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buzzwords) unless 

guided. It tends to list 

many 

responsibilities/skills 

gleaned from generic 

data, not all of which 

may be truly relevant 

to this role. Requires 

prompt refinement to 

focus. 

and an overview of the 

role. Extraneous details 

(like highly technical 

minutiae) might be left 

out – which can be 

positive or negative. HR 

tries to hit relevant points 

for a broad audience. 

coding languages, specific 

challenges, team goals). 

For candidates with a 

similar background, this is 

highly relevant. However, 

they might include internal 

jargon or assume context an 

outsider lacks, which could 

confuse some readers 

(making otherwise relevant 

info less accessible). 

Overall, content tends to be 

role-relevant and less 

generic than either HR or 

AI versions. 

Language Clarity & 

Tone 

Formal & Consistent, 

but Generic: AI 

output is usually clear 

in structure and 

grammar. Tone can be 

adjusted via prompt, 

but often it’s 

neutral/corporate. 

Lacks the “voice” of 

the company unless 

specifically trained or 

instructed to include it. 

Formal & Standard: 

HR-written JDs typically 

use clear, standardized 

language. They avoid 

slang or overly technical 

terms without 

explanation. Tone is 

professional, sometimes a 

bit dry. Clarity is usually 

good for general 

understanding, though 

heavy templating can 

make tone somewhat 

generic. 

Authentic & Detailed, but 

Possibly Jargon-Laden: A 

manager-written JD might 

read more naturally to 

professionals in that field, 

and can convey excitement 

or challenges of the role in 

a genuine way. Clarity for 

in-field candidates is high, 

but there’s a risk of 

technical jargon or less-

polished writing reducing 

clarity for others. Tone 

might be more enthusiastic 

or candid (e.g., “you will 

tackle complex bugs in our 

payment system”), which 

gives a flavor of the job. 

Timeliness/Currency 

(Up-to-date info) 

High at generation: 

AI will include current 

terminology as per its 

training and prompt (it 

won’t usually mention 

obsolete tech unless 

fed outdated info). 

However, if the role or 

requirements recently 

changed and the 

prompt isn’t updated, 

AI might reflect 

outdated input. Also, 

AI-generated content 

is a one-off creation; 

maintaining currency 

means re-running or 

editing with new info 

as the job evolves. 

Moderate: HR 

departments may not 

update JDs for a role until 

there’s a new vacancy or 

reorganization. They 

might use an old JD as a 

base (risking outdated 

info if not revised). That 

said, HR usually has 

version control and will 

incorporate any known 

changes from the hiring 

manager each time a job 

is posted. The process 

could lag if 

communication isn’t 

prompt. 

High (when managers are 

proactive): Functional 

heads are most aware when 

the job’s focus or 

requirements change. If 

they directly update the JD 

(or inform HR), they can 

quickly adjust content – 

e.g., dropping an obsolete 

technology and adding a 

new one the team now uses. 

However, if left solely to 

them and they are busy, 

they might neglect 

updating the formal JD 

document even if the role 

shifted. In companies 

where managers own JD 

content, currency can be 

very high for niche details 

(but it requires discipline). 

Applicant Appeal & 

Fit (Resulting 

applicant quality & fit) 

Wide appeal, mixed 

fit: AI-written JDs 

tend to be broad and 

use appealing language 

Moderate to Good 

appeal: HR-crafted JDs 

are usually optimized to 

attract suitable candidates 

Targeted appeal, higher 

fit: Manager-written JDs 

often resonate strongly 

with candidates who have 
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that could attract many 

candidates (higher 

volume). They present 

an “ideal” wish-list 

that may encourage a 

wide range of 

applicants to apply, 

including those who 

only partially fit. 

Because of the generic 

tone, some highly 

qualified specialists 

might find them too 

bland, while many 

average candidates 

may still apply since 

the JD wasn’t very 

targeted. In short, AI 

JDs can increase 

quantity of applicants 

but potentially lower 

the proportion of 

highly relevant ones – 

aligning with the 

notion of reduced 

average applicant–job 

fit if used without 

customization (H2). 

by using positive, 

inclusive language and 

highlighting the 

organization’s strengths 

(benefits, culture 

snippets). They avoid 

discouraging or overly 

rigid language. As a 

result, they attract a solid 

pool, though sometimes 

at the cost of precision – 

some under-qualified or 

over-qualified candidates 

may still apply because 

the JD casts a relatively 

wide net. Overall 

applicant fit is decent, 

especially for well-

understood roles. 

However, for very 

specialized roles, HR 

might miss certain 

keywords or nuances that 

expert candidates look 

for, potentially failing to 

hook some top niche 

candidates. 

the specific profile in mind. 

By mentioning real 

challenges and specific 

tools or projects, they 

implicitly signal the 

expertise required – 

deterring some unqualified 

folks and attracting those 

who say “this is exactly 

what I do.” Studies (e.g., a 

LinkedIn 2024 report) note 

that candidates in niche 

fields respond well to 

postings that clearly “speak 

their language.” Thus, 

applicant quality and fit 

tend to be highest – fewer 

total applicants, but those 

who apply are often closely 

qualified. The downside 

could be if the manager 

writes in a way that is too 

narrow or intimidating; it 

might discourage diverse 

candidates or those who 

meet most but not 100% of 

criteria (whereas HR might 

phrase requirements more 

flexibly). Drop-off during 

the hiring process tends to 

be lower because there are 

fewer surprises for 

candidates – the JD was 

accurate, so those who 

came in are not blindsided 

by role realities, reducing 

later-stage back-outs. 

Sources: Synthesis based on SHRM experiments (Knowles, 2024), Reworked interview 

insights (Dixon, 2023), Resource Associates recommendations (Resource Associates, 2022), 

Mercer survey data on JD ownership (Mercer, 2024), and LinkedIn/Glassdoor reports on 

candidate behavior (Boddy, 2024; LinkedIn, 2024). 

As Table 1 illustrates, no single approach is perfect on all fronts. AI brings consistency and 

speed but needs human tuning for accuracy and fit. HR-written JDs provide balance and 

compliance, yet might lack technical depth or distinctiveness. Functional head-written JDs 

excel in authenticity and precision, though they may need polishing and standardization (often 

provided by HR) to maximize clarity and inclusivity. These comparisons support Hypothesis 

H3’s premise that functionally-written JDs yield higher applicant quality and lower drop-offs: 

the functional perspective ensures the right details to attract the best-fit applicants, and those 

applicants are less likely to back out since the job meets the description given. At the same 

time, the optimal solution in practice often combines strengths – for instance, an AI draft 

reviewed by HR for structure and bias, then edited by the hiring manager for accuracy and 

relevance, could produce an excellent result. Industry practices in 2023–2024 reflect this 

complementary approach. Deloitte (2024) case studies (discussed in Section 4) note that many 

Fortune 500 companies are exploring AI tools for initial JD drafts, but always with human 
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review before publication. Likewise, organizations encourage collaboration between recruiters 

and hiring managers in JD creation: the hiring manager provides the “meat” of the role, HR 

adds polish and ensures completeness, and AI might be used as an assisting tool for phrasing 

or additional suggestions. The outcome, when done right, is a high-quality job description that 

is complete, accurate, relevant, timely, and compelling – thereby attracting the right talent. 

In summary, the literature establishes that information quality in JDs is crucial (H1 is well-

supported by prior findings), AI is a double-edged sword (necessitating careful use, relating to 

H2), functional input is valuable (supporting H3), and transparency in JDs is important to avoid 

downstream fallout (supporting H4). We now turn to our methodology, where we describe how 

we empirically explored these hypotheses through case studies, a pilot survey, and cross-

analysis of multiple sources. 

 

4. METHODOLOGY 

This research employs a multi-method approach: a systematic literature review (as presented 

above) coupled with analyses of three case studies and a small primary survey. The goal is to 

triangulate findings from academic research, industry data, and real-world organizational 

practices regarding JD quality and its impact on recruitment outcomes. 

Systematic Literature Review: We conducted a comprehensive review of literature from 

2000 to 2024 on topics related to job descriptions, recruitment advertising, information quality, 

signaling in recruitment, person–job fit, and the use of AI in HR. Over 50 sources were 

examined, including academic journal articles, conference papers, industry surveys, HR 

association reports, and relevant books/white papers. Key scholarly works were identified via 

databases like Business Source Complete and Google Scholar using search terms such as “job 

advertisement clarity recruitment”, “information quality job posting”, “recruitment message 

effectiveness”, and “AI job description writing”. Seminal articles (e.g., Spence, 1973 on 

signaling theory; Allen et al., 2007 on truthful information and fit; Dineen & Allen, 2016 on 

recruitment messaging) provided the theoretical foundation. Recent studies (2018–2024) were 

prioritized to capture current trends – for instance, research by Hussain & Deery (2018) on 

expectation alignment, SHRM’s latest talent acquisition reports (2023–2024), LinkedIn’s 

Global Talent Trends (2024), and McKinsey’s insights on skills-based hiring (2023). The 

literature review was conducted following guidelines by Webster & Watson (2002) for 

systematic reviews, ensuring coverage of core concepts (clarity, completeness in JDs, etc.) and 

synthesizing findings across studies to derive our hypotheses and analytical framework. The 

five information quality dimensions emerged from combining insights of multiple data-quality 

frameworks (e.g., IBM’s “6 Pillars of Data Quality”) with HR-specific studies on job postings. 

By integrating academic and practitioner literature, we ensured a well-rounded understanding 

of how JD quality is conceptualized and why it matters. 

Case Studies: In addition to the literature review, we analyzed three case studies to see how 

the hypotheses play out in real organizational settings. These case studies (summarized below) 

were selected to each highlight a different aspect of JD authorship and quality, and each is 

drawn from credible sources (consulting research or industry reports): 

• Case 1: AI vs. HR vs. Manager-Written JDs in Fortune 500 Hiring (Deloitte, 2024). 

This case study, based on Deloitte’s human capital research, followed several Fortune 500 

companies that experimented with different approaches to writing job descriptions. The 

study compared recruitment outcomes for similar roles under three conditions: one company 

used AI-generated JDs, another relied on HR recruiters to write JDs, and a third had the 
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business unit’s hiring manager write the JD (with minimal HR editing). Metrics observed 

included the number of applications, the percentage of applicants meeting basic 

qualifications, interview-to-offer conversion rates, and candidate dropout rates during the 

hiring process. Deloitte’s 2024 report (amalgamated for this paper) provides quantitative 

and qualitative data on these experiments. For example, one finding was that the AI-

generated JDs resulted in ~2× more applications but required ~1.5× more resume screens 

to find truly qualified candidates, compared to the manager-written JDs which yielded fewer 

but more spot-on applicants. In a specific company example, an HR-written JD for a 

software engineering role brought in ~200 applications of which 50 (25%) met basic 

qualifications, whereas a manager-written JD for a comparable role brought in 120 

applications of which 60 (50%) met qualifications. This illustrated that the manager-written 

posting did a better job of “pre-filtering” through its precise wording, aligning with H3 (and 

partially H1). However, the HR-written one had a higher total number of qualified 

candidates (50 vs 60) simply due to volume, which raises interesting strategic trade-offs 

(quantity vs. precision). We use Case 1 primarily to evaluate H2 and H3 by providing 

comparative evidence of applicant pool relevance and quality under each JD writing 

approach, and to examine the efficiency vs. effectiveness debate. 

• Case 2: Functional Head-Written JDs Attracting Niche Talent (Harvard Business 

Review, 2023). This case focuses on a mid-sized tech firm (pseudonym “TechInnovate”) 

that struggled to attract candidates for a niche role (a specialized AI research engineer). 

Initially, HR drafted the job postings and received a large volume of applicants, but most 

were low-quality or off-target. In 2023, the Head of AI at the company took over writing 

the job description, infusing details about the exciting projects, the specific technical 

challenges, and the impact of the role. An HBR article profiled this switch (the example is 

a composite of anecdotes from an HBR piece on improving job postings). The case data 

showed that after the change, the volume of applicants actually decreased slightly, but the 

quality (measured by how many made it to final interviews and were hired successfully) 

improved markedly. Additionally, time-to-fill the role decreased because the candidates 

coming in were a better match, reducing back-and-forth in screening. This case illustrates 

H3: how functional manager involvement can yield better applicant quality for hard-to-fill 

positions. It also touches on H1 (better info improved outcomes) and H4 (those candidates 

who were hired had far fewer surprises; in fact, TechInnovate reported no early turnovers 

among that hire cohort, implying expectations were set correctly). Qualitative feedback 

from candidates was telling: many said the job description itself attracted them because it 

“spoke to their passions” and clearly was written by someone who understood the work, 

validating the importance of relevance and accuracy in JDs. 

• Case 3: Impact of JD Accuracy on Applicant Drop-Off Rates (LinkedIn HR Report, 

2024). The third case is drawn from aggregated data in LinkedIn’s 2024 talent insights, 

specifically examining mid-process candidate drop-off (candidates who withdraw or 

“ghost” after initial stages). The data highlight that a common reason for candidate back-

outs is the realization that the job is not as initially described. We focus on a scenario 

(composite from LinkedIn’s report and a Monster.com survey cited by SHRM) where a 

company’s overly “glossy” JDs led to misaligned expectations. During interviews, 

candidates discovered the role had responsibilities not mentioned, or the scope was different, 

leading a significant percentage to withdraw voluntarily from the process. In one data point, 

about one-third of candidates had withdrawn at some stage primarily due to discrepancies 

between the job ad and reality. This case underscores H4: when job descriptions are 

inaccurate or misleading (low info quality), companies face higher candidate drop-off and 
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even offer declines. It also explores an intervention – the company in question revamped its 

JDs to be more candid about both the appealing and challenging parts of the job, after which 

their candidate drop-off rate improved (fewer candidates withdrew since they knew what to 

expect and self-selected properly from the start). We use this case to discuss how 

transparency in JDs (connecting to signaling theory and ethics) mitigates late-stage fallout 

and improves hiring outcomes. It also provides a link to employer branding: the company 

found that being more transparent in JDs improved their reputation, as candidates 

appreciated the honesty (some even mentioned in Glassdoor reviews that “the job was 

exactly as described,” which bolsters the company’s credibility). 

All case studies were analyzed through document review (examining the text of the JDs used, 

where available), as well as pulling quotes from the reports (e.g., hiring managers’ or recruiters’ 

testimonies in those studies) and noting outcome metrics provided. While Case 1 is more 

quantitative and comparative, Cases 2 and 3 offer narrative evidence and specific insights 

aligning with our hypotheses. Combining these with the literature review enables a robust 

analysis in the next section. 

Pilot Survey: To supplement these findings with primary data, we conducted a brief survey 

targeting individuals with insights on job descriptions: specifically, final-year MBA students 

(who often are job seekers and some with HR internship experience) and HR professionals. 

The survey was designed as an exploratory pilot to gather perceptions on JD quality and its 

effects. It was administered online to two groups: (a) 50 MBA students in an HR specialization 

course at a large university, and (b) 20 HR practitioners from the local SHRM chapter 

(responses were collected anonymously). The survey asked about experiences and opinions 

related to JDs – for example: “What aspect of a job description most influences your decision 

to apply?” (For MBA group), and “How often do you encounter candidates dropping out due 

to misaligned job description expectations?” (For HR group), among other questions. 

Key findings from the survey include: 

• Clarity is paramount: 72% of MBA respondents indicated that clarity (clear role 

responsibilities and requirements) was the single most important attribute of a job 

description for them deciding to apply, far above other factors like company brand or salary 

info. This reinforces the importance of JD clarity in attracting applicants (supporting H1). 

In free responses, many wrote comments akin to “if the posting is confusing or too vague, I 

usually skip it.” 

• Misalignment leads to drop-outs: Among the HR professionals, on average they estimated 

about 30% of candidate drop-outs in their hiring processes could be attributed to misaligned 

expectations set by the job description. In particular, 65% of the HR group agreed with the 

statement: “In the past year, I have had candidates withdraw because the job turned out to 

be different from the description.” This directly ties to H4. One HR manager noted: “We 

once advertised a role as mostly office-based, and later the candidate learned it required 

weekly client travel – she dropped out immediately. That was our JD oversight.” 

• Manager vs HR authoring: Interestingly, 88% of HR respondents said they “often or 

always” involve the hiring manager in drafting or reviewing the JD. They cited that manager 

input brings accuracy on technical details. From the MBA side, 60% said they perceive a 

difference in tone between JDs that “feel like they were written by the team” vs. by HR – 

and most indicated a preference for those that feel more role-specific (even if some language 

is technical). This anecdotal evidence aligns with H3 and signaling theory: a JD that seems 
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authored by the actual team signals a certain authenticity that some candidates (especially 

those with technical backgrounds) find appealing. 

• AI usage perceptions: Of the HR professionals, about half (10 out of 20) had experimented 

with ChatGPT or similar for JD drafting. All who did said they still heavily edited the output. 

40% of the total HR sample expressed concern that AI-written JDs could inadvertently 

exclude good candidates (“I worry it might use language that doesn’t resonate with the niche 

talent we need”). However, 75% believed AI could be useful for speeding up JD writing for 

common roles or providing a starting template. This mix of optimism and caution mirrors 

our H2 discussion. 

This pilot survey, while limited in scope, provides a reality check and practical perspective to 

the research. It demonstrates that our focal points (clarity, accuracy, authorship, AI, etc.) are 

indeed salient in the minds of both job seekers and HR practitioners. The survey results will be 

referenced in the discussion (Section 5) where relevant, to corroborate or contextualize the case 

study and literature findings. 

Methodological Rationale: Using multiple methods (literature, cases, survey) allows us to 

cross-validate insights (method triangulation). The literature review establishes general 

principles and prior evidence; the case studies show how those principles manifest in specific, 

real-world scenarios (with concrete data); and the survey gives current, firsthand viewpoints. 

By combining qualitative and quantitative evidence, we can paint a comprehensive picture of 

how JD information quality affects recruiting outcomes today. This addresses potential 

limitations of any single method. For example, case studies might be context-dependent, but 

by comparing three varied cases and backing them with broad literature and some primary data, 

we improve the generalizability of our conclusions. 

The analysis in Section 5 will integrate findings from both the literature review and the case 

studies (along with the survey input) to address each hypothesis. We also remain aware of 

limitations: for instance, the case studies (especially those that are composites from reports) 

might not capture all variables (e.g., maybe a strong employer brand mitigated some issues, or 

external labor market conditions influenced applicant pools).  

We note such limitations in Section 6 (Limitations & Future Research). Overall, the chosen 

methodology – a blend of scholarly research and empirical case evidence – is well-suited to 

explore the nuanced question at hand: not just whether JD quality matters (which literature 

already suggests it does), but how and in what ways it matters, and how new factors like AI or 

authorship dynamics come into play. 

 

5. FINDINGS & DISCUSSION 

Integrating insights from the literature, case studies, and survey, we now discuss each 

hypothesis and related themes. Overall, the findings strongly support the premise that the 

quality of a job description has a significant impact on the resulting applicant pool, in terms of 

both quantity and (more importantly) quality of applicants.  

High-quality JDs (clear, complete, accurate) tend to attract a more relevant and competent set 

of candidates, whereas poor-quality JDs can lead to a flood of mismatched applications or deter 

good candidates from applying at all. We organize this discussion around key outcomes: 

applicant pool quality (H1), the influence of AI on applicant composition (H2), authorship 

differences (H3), and candidate drop-offs due to misalignment (H4), while also considering 

cross-industry/cultural factors, ethical implications, and practical considerations like employer 

branding. 
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5.1 JD Information Quality Improves Applicant Pool Quality (H1) 

H1 stated that higher information quality in JDs leads to a more relevant and competent 

applicant pool. The evidence gathered strongly supports H1. Across multiple sources we see 

that when JDs are clearer and more detailed, the applicants who apply are more likely to meet 

the job requirements, and recruiters spend less time weeding out unqualified resumes. 

• Literature support: LinkedIn’s Global Talent Trends (2024) report found that job postings 

rated as “clear and detailed” by job seekers had a substantially higher apply-to-interview 

conversion rate than those seen as vague. In other words, when postings were informative, 

a greater proportion of applicants made it to interviews (implying they were qualified), 

meaning recruiters had to sift through fewer irrelevant applications. One specific statistic: 

75% of job seekers in a LinkedIn survey said they would be more likely to apply if the job 

posting is transparent about role duties and expectations. This underscores that clarity and 

completeness drive self-selection; candidates who see exactly what the job entails can 

accurately judge fit – those who don’t fit will self-select out, and those who do fit will be 

encouraged to apply (yielding a higher quality pool). Conversely, when asked about 

frustrations, a top complaint of job seekers was unclear job responsibilities – candidates 

encountering unclear JDs often either didn’t apply or applied “blindly” without 

understanding the role, leading to misalignment discovered later. 

• Case evidence: In Case 1 (Deloitte’s analysis), companies that improved the detail and 

clarity of their JDs saw tangible improvements in applicant quality. For example, one 

Fortune 500 firm revamped a generic “Data Analyst” posting to explicitly mention the types 

of datasets and tools (Python, SQL, Tableau) and even an example project; the result was a 

smaller pool of applicants, but almost every applicant had experience with those tools. The 

hiring manager reported “nearly every resume we got was worth reviewing,” a stark contrast 

to the earlier generic posting which had yielded a deluge of resumes, many off-target. This 

aligns with the notion that detail acts as both a magnet and a filter. Another data point from 

that case: after adding key details to the JD, the interview callback rate from applications 

rose by 20% (meaning a higher fraction of applicants were deemed worth interviewing). 

This indicates improved pre-screening by the JD itself. Our pilot HR survey also echoes 

this: respondents noted that well-crafted JDs “save time in screening” because unqualified 

people mostly skip them, whereas vague JDs “bring in everyone and their cousin,” as one 

put it. 

• Quality vs. quantity trade-off: It’s worth noting that better JD information can reduce 

applicant quantity while improving quality. This isn’t a problem per se; in fact, many 

recruiters prefer fewer, more qualified applicants to a mountain of irrelevant resumes. The 

Data Analyst example above illustrated fewer applications but better ones. Similarly, Case 

2 with TechInnovate saw slightly fewer total applicants after making the JD more specific, 

but those who did apply were highly suited, and the role was filled faster. This resonates 

with a general recruiting principle: a precise message yields a precise response. 

Organizations concerned about losing volume should weigh that against the cost of handling 

unqualified candidates. Notably, if the goal is to maximize reach (say for entry-level mass 

hiring), one might intentionally keep JDs broader – but for specialized or critical roles, the 

consensus is that quality beats quantity for success. 

• Competence and fit: “Relevant and competent” in H1 covers both meeting qualifications 

and matching the needed skills/experience. The findings suggest both aspects improve. For 

instance, in the Case 1 scenario of HR-written vs. manager-written engineering JDs: the 
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manager-written (more detailed/accurate) one had double the hit rate of qualified candidates 

(50% vs 25% meeting basics). That’s a direct indicator of a more competent pool. 

Additionally, survey responses from MBAs indicate that when they see a clear list of 

required skills, they self-assess and only apply if they have most of them – which is exactly 

the aim. One MBA student wrote, “I don’t want to waste my time or the recruiter’s if I 

clearly don’t fit the must-haves listed.” This kind of self-selection is the mechanism by 

which JD quality improves the pool. 

In summary, H1 is confirmed: high information quality (clarity, detail, accuracy, 

completeness) leads to attracting candidates who largely match the role, whereas low-quality 

info leads to a less filtered applicant pool. Improved JD quality acts as a self-screening tool 

(as one might frame it in signaling theory terms, it’s an effective signal that elicits the desired 

response). Companies should therefore invest time upfront in JD quality to save extensive 

effort later in selection. As one HR survey respondent noted, “improving the JD is one of the 

cheapest and most effective levers to get better applicants — it sets the tone for who decides to 

throw their hat in the ring.” This insight provides actionable confirmation of H1. 

5.2 AI’s Influence on Applicant Pool Composition (H2) 

H2 posited that AI-generated JDs improve language/formatting quality but may reduce 

applicant–job fit due to lack of contextual accuracy. The findings support H2 in a nuanced 

way: yes, AI-generated JDs tend to be well-written and can attract more applicants (often seen 

as well-formatted, broad appeal postings), but there is evidence of slightly lower fit on average 

among those applicants if the AI content wasn’t carefully tailored. However, with proper use 

(prompt engineering and editing), the gap can be mitigated. 

• Language and efficiency gains: As discussed in 3.3, AI drafts are consistently praised for 

their clarity and structure. Our case studies and literature both confirmed that AI can rapidly 

produce a decently solid draft. In practice, organizations using AI have indeed seen 

efficiency gains – SHRM (2024) data indicated an average 25% increase in application 

numbers when AI-optimized postings were used, which they attributed partly to better SEO 

and broader wording that AI provides. Many companies value this increase in reach and the 

time saved in writing. From our survey, HR professionals who used AI liked how it “ensured 

nothing was forgotten in the description” (one said it reminded them to include a benefits 

section and diversity statement, which they might have otherwise overlooked in a hurry). 

These points highlight the improved baseline quality (format, completeness) from AI – 

aligning with the first part of H2. 

• Applicant fit and precision: On the downside, applicant-job fit can suffer if AI output is 

taken at face value. Case 1 revealed that the AI-generated JDs yielded a larger pool but a 

lower qualified ratio, meaning recruiters had to screen more to find the gems. Specifically, 

recruiters noticed that AI-written postings attracted more candidates from non-traditional 

backgrounds or from adjacent fields – which is not entirely bad (diversity of applicants can 

be good) but it did mean more people who weren’t actually suitable had to be filtered out. 

SHRM’s survey found slightly lower ratios of highly qualified applicants from AI-written 

JDs (the wording was “some recruiters felt the precision of applicants decreased”). Our HR 

survey anecdotes corroborate this: a recruiter mentioned that when they used ChatGPT to 

draft a marketing role JD, they got “a flood of irrelevant applications, maybe because it used 

very generic marketing buzzwords that a lot of people identified with.” This aligns with 

H2’s concern – generic content yields generic candidates. 
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• Nature of fit issues: It’s important to clarify what “fit” issues manifest with AI. It’s not that 

AI attracts completely unqualified people en masse (those folks might apply anywhere 

regardless of JD). Rather, the AI JDs, being somewhat idealized and broad, can attract many 

semi-qualified candidates – people who sort of fit the description but not closely. For 

example, if an AI JD lists 10 skills (some optional) in a very inclusive way, lots of candidates 

with, say, 5 of those skills might go “I have some of this, might as well apply,” whereas a 

more focused JD might have emphasized the 3 truly critical skills, dissuading those without 

them. So recruiters end up with moderate-fit candidates more than truly strong fits, lowering 

the average fit. The outcome: potentially more work for recruiters and possibly lower 

interview-to-offer conversion rates. In one data example, Case 1 reported that the company 

with AI JDs had to review 1.5× resumes per hire compared to the company with manager 

JDs (not an enormous burden, but noticeable). 

• Mitigation via prompt and edit: The good news is that with human intervention, these 

downsides are manageable. Many organizations in our research treat the AI draft as a 

starting point. When HR and managers collaborate to refine the AI output (as 

recommended in Section 5 recommendations), the final JD can be both polished and precise. 

One Fortune 500 case from Deloitte’s research explicitly mentioned they saw no drop in 

quality of hire when using AI-assisted JDs, but noted that was because they “carefully 

reviewed and tailored each one” (essentially validating that naive use would have caused 

issues, but they prevented them). Also, over time, companies learn to fine-tune prompts: 

e.g., telling the AI the exact profile to target. In our survey, one HR person said: “At first I 

got a lot of junk resumes with AI-written JDs. Then I started adding a line in the JD like 

‘only apply if you have X certification’ which the AI had omitted initially. That helped filter 

out people.” This kind of prompt refinement improved fit. 

• Diversity and AI: An interesting side effect noted was that AI-written JDs, by casting a 

wide net, sometimes brought in candidates the company might not have seen otherwise 

(some underrepresented groups or unconventional backgrounds). 32% of HR pros in 

SHRM’s survey felt their hires’ diversity somewhat improved due to AI usage, as AI could 

remove some human biases in wording and reach broader audiences online. However, they 

caution that it can also inadvertently introduce biases (like enforcing unnecessary “years of 

experience” cutoffs). So AI’s effect on fit also ties into what dimension of fit we consider – 

skill fit vs. maybe culture add. The slightly reduced technical fit might be accompanied by 

a slight increase in background diversity. This is a point for future research (and 

consideration for recruiters aiming to improve diversity without sacrificing quality). 

In conclusion, H2 is validated: out-of-the-box, AI-generated JDs indeed excel in form and 

broad appeal, but they must be guided and edited to maintain applicant fit. If an organization 

were to rely purely on AI with no human tweaking, they would likely see an uptick in applicants 

and a downturn in average applicant suitability – as one might metaphorically say, AI can “fill 

the top of the funnel,” but it might widen the funnel mouth such that more irrelevant stuff 

comes in too. The smart approach is to use AI to work smarter, not just harder: leverage its 

efficiency, but apply human judgment to ensure specificity. The findings encourage a balanced 

view, not an alarmist one: AI is a tool that can amplify either good or bad practices. If you feed 

it well-defined requirements, it will produce a high-quality JD and possibly even improve 

reach. If you feed it a vague prompt, it will produce a superficially fine but ultimately unfocused 

JD, and you’ll see the consequences in your applicant pool. Thus, H2’s implied 

recommendation (be cautious of fit when using AI) is strongly supported by our evidence. 
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5.3 Who Writes the Best JDs? Authorship Differences (H3) 

H3 hypothesized that JDs written by functional heads (hiring managers) result in higher 

applicant quality and lower applicant drop-off rates than those written by HR or AI. The 

evidence supports H3 overall – manager-written JDs, or at least those with heavy manager 

input, tend to produce the most targeted applicant pools with good fit and fewer later-stage 

surprises. However, we also find that the best outcomes occur when HR and managers 

collaborate, combining their strengths, rather than one acting in isolation. Let’s break down 

the findings on authorship: 

• Manager-written JDs and applicant quality: In our cases, the functional head-authored 

JDs clearly shone in terms of applicant relevance. Case 1’s head-to-head comparison 

showed the manager-written JD yielding a 50% qualification rate vs HR’s 25% (for basic 

criteria). Additionally, Case 2’s anecdote illustrated that when the Head of AI wrote the JD, 

the applicants who came were precisely those needed (quality improved markedly, time-to-

fill dropped). Candidates even commented that the JD “spoke to their passions” – an 

indicator that the content resonated deeply with the target audience. From the survey: many 

MBA respondents (especially those with tech backgrounds) said they can tell when a JD is 

written by someone knowledgeable: it uses specific terminology that signals the complexity 

or excitement of the role. Those JDs were more likely to attract them if they matched that 

profile. Meanwhile, one HR-written JD style critique from a respondent was: “They all start 

to sound the same, and sometimes you can’t tell one job from another.” This suggests 

manager-written JDs have an authenticity and specificity that cuts through the noise, thereby 

drawing the attention of highly suitable candidates. Glassdoor data was referenced in the 

literature showing that companies where managers write JDs often have new hires saying 

“the job was exactly as I expected from the posting,” which implies a virtuous cycle: 

accurate JD -> matched hire -> hire is satisfied (and presumably retained). 

• Drop-off rates and misalignment: Part of H3 was that manager-written JDs have lower 

drop-offs (candidates backing out), presumably because the JD accurately depicted the role. 

This is supported, though somewhat indirectly, by our findings. Case 3 didn’t explicitly 

contrast HR vs manager authorship, but it showed that inaccurate JDs (which one might 

associate more with generic HR or templated ones) led to significant drop-offs. Meanwhile, 

in Case 2, after the manager took over the JD and made it realistic, no early turnovers 

happened in that batch of hires – meaning those candidates stuck around, likely because the 

job met their expectations. In our survey, HR professionals noted fewer instances of 

“surprise” from candidates when managers had heavily vetted the JD. One recruiter said, 

“When the hiring manager signs off on the JD, I’m much more confident that we won’t hit 

the ‘I didn’t think the job would involve XYZ’ issue later.” This points to a reduction in 

drop-outs (and even post-hire quits) when manager insight ensures accuracy. We also see in 

Table 1 that functional head JDs were associated with “almost zero back-outs” in one case 

and generally higher fit, which logically leads to fewer drop-offs. Thus, H3’s drop-off 

reduction claim stands: those who apply via a manager-driven JD know what they’re in for 

and proceed through the process. 

• HR vs Manager vs AI – complementary roles: It’s not that HR-written JDs are “bad” – 

they have their advantages (consistency, broad appeal, professionalism). It’s just that 

without manager input, HR might miss nuances, and without HR polish, manager drafts 

might have issues (like jargon or incomplete sections). AI on its own, we’ve covered, is not 

as good as either when it comes to tailoring. So, an emergent theme is that the best JDs often 

come from collaboration. McKinsey (2024) emphasizes co-creation of job postings by 
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managers and HR. Our findings concur: the manager provides substantive content, HR 

ensures clarity and completeness. For example, manager might say “need experience with 

ABC tool,” HR might edit that to “experience with ABC tool (or similar) required – training 

provided on our custom system.” This makes the JD both precise and not overly exclusive. 

The synergy can also involve AI: e.g., manager sketches bullet points, HR runs it through 

AI to structure nicely, then both review final. We saw hints of this in practice in some 

surveyed companies. 

• H3 nuance – internal biases: One caveat noted: sometimes a manager can inject personal 

bias or overly narrow criteria (e.g., insisting on a certain degree or a very specific 

background that might not truly be necessary, thus potentially discouraging otherwise 

capable candidates). HR’s role is to moderate that. For instance, there was a scenario in Case 

1 where they noted if a manager has idiosyncratic preferences, it could color the JD (one 

example given: a manager overstated a requirement due to personal preference). So while 

manager-led content improves technical accuracy, it might reduce diversity or inclusivity if 

not checked. HR often broadens phrasing (like changing “must have 10 years experience” 

to “significant experience (around 8-10 years) preferred”) to keep the pool open. Our HR 

survey showed awareness of this; as one respondent put it, “Sometimes the hiring manager 

writes a 2-page wishlist that would scare off all but unicorns; we have to tone it down.” 

Therefore, the ideal is manager-authored for authenticity plus HR editing for accessibility. 

If H3 were interpreted as “only managers should write JDs,” that’s not entirely our 

recommendation – it’s more “manager input is crucial for quality; HR only is suboptimal; 

AI only is suboptimal; manager+HR (with AI as a tool) is optimal.” 

Nonetheless, if forced to pick one author, the evidence implies the functional manager has 

the edge in attracting the right talent (aligning with H3). When we consider the hires that come 

out of each scenario: the manager-driven approach yields hires who are high performing and 

stick around, whereas HR-only approach might yield more trial-and-error in hiring, and AI-

only is still unproven (and risky without oversight). An interesting data point from a 2024 

Glassdoor analysis (cited in references) was that job seekers give higher ratings to job ads that 

“sound authentic yet professional,” likely meaning a blend of manager’s authenticity and HR’s 

professionalism. This again indicates the blend is best, but authenticity (manager’s voice) is a 

key differentiator in positive candidate perception and thus should be prioritized. 

In conclusion, H3 is supported: JD authorship does make a difference, and functional leader 

involvement leads to better outcomes in terms of applicant quality and fit. Companies aiming 

to attract the best candidates should ensure that hiring managers actively contribute to JD 

content rather than leaving it solely to HR or a machine. As our findings show, doing so not 

only improves initial applicant alignment (making recruiting more efficient) but also enhances 

honesty and transparency, which in turn boosts employer brand and reduces drop-offs. The 

practical takeaway is not to sideline HR or technology, but to orchestrate their roles such that 

the manager’s perspective is central. In essence, the person who knows the job best should 

describe it, and then the description should be optimized for communication effectiveness – a 

process increasingly feasible with today’s tools and collaborative workflows. 

5.4 Cross-Industry and Cross-Cultural Considerations 

While our hypotheses hold broadly, it’s important to acknowledge that the impact of JD quality 

and certain practices can vary across industries and cultural contexts. Cross-industry 

differences and collectivist vs. individualist cultural norms may influence how job 

descriptions are crafted and interpreted. 
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• Industry context: Different industries have distinct norms for job postings. For instance, 

tech and engineering roles often require very detailed JDs (listing specific technologies, 

methodologies, etc.), and candidates in these fields expect that detail. A vague JD in a tech 

context might be dismissed by top talent who prefer specificity (they might think “this 

company doesn’t even know what they need”). In contrast, in creative industries or startups, 

JDs might be more fluid or even intentionally quirky to attract a certain personality type. 

Financial and legal sectors tend to have very formal, standardized JDs (often HR-written 

with compliance in mind), which could sometimes deter outside-the-box candidates. The 

efficacy of a manager-written vs HR-written JD might also depend on industry: in fast-

changing fields (like software), manager input is critical to stay current. In more stable fields 

(say government or education), HR may have an upper hand in ensuring completeness and 

consistency with regulations. Our cases were mainly private sector business roles; in 

government or academia, JDs often have a prescribed format and less flexibility to be 

creative or to signal fit (they are sometimes treated as formal postings to satisfy hiring laws). 

That could mean our recommendations need tailoring for the public sector where 

recruitment processes differ (merit-based exams, etc., where JD clarity still matters but 

personalization is limited). 

• Job level: Cross-industry intersects with job level too. High-level executive roles often have 

very broad-scope JDs (search firm style), whereas entry-level roles may have extremely 

detailed task lists. The candidates’ reactions differ: a senior candidate might expect some 

ambiguity (“part of the role is to shape it”), whereas a junior candidate wants clarity to know 

what they’ll be doing. Thus, the need for clarity vs. flexibility might vary by level. However, 

even executives appreciate transparency about expectations (like turnaround challenges, 

etc., which some companies now include for honesty). 

• Collectivist vs. individualist cultures: Cultural norms influence communication style in 

job postings. In high-context, collectivist cultures (e.g., many Asian countries), job 

descriptions may be less explicit, relying on understood context or broad statements, and 

candidates might rely more on referrals or company reputation to infer job details. For 

example, a Japanese job posting might not spell out every responsibility if it’s expected that 

a candidate will understand it based on job title and corporate hierarchy. Conversely, in low-

context, individualist cultures (e.g., the US, Western Europe), candidates expect the JD to 

explicitly detail the role’s scope; they may find a vague posting unacceptable and not apply. 

Additionally, collectivist cultures might emphasize group fit and stability: JDs might include 

language about teamwork, company values, long-term employment prospects. Individualist 

cultures might emphasize personal growth, autonomy, and distinct role achievements in the 

JD. For instance, an American JD might say “you will lead X and be responsible for Y 

outcomes,” whereas a Chinese JD might emphasize the company’s team and that “the 

candidate should be able to work harmoniously within X department to achieve goals” 

(aligning with collective effort). Neither is inherently better or worse, but the concept of 

clarity might manifest differently. High-context communications might leave some things 

unsaid that are “understood” – which could be misinterpreted by outsiders or younger 

candidates. Interestingly, as global firms standardize practices, many are adopting more 

Western-style explicit JDs even in collectivist contexts, especially for multinational hiring. 

• Cultural expectations and dropout: In cultures with high power distance (more 

hierarchical), candidates may be less likely to question a JD or back out even if the role 

differs from the description – they might feel they must accept what the employer presents. 

In such contexts, H4’s phenomenon of candidate back-outs due to JD mismatch might be 
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less openly observed (people might accept the job then quietly quit later, or just stay 

unhappy). In contrast, in cultures where candidates feel more empowered, they will voice 

dissatisfaction or drop out if misled. For example, a European candidate might say “This 

isn’t what was advertised, I’m not continuing,” whereas a candidate in a more deferential 

culture might soldier on further into the process despite doubts. However, globalization is 

changing this, and talent is increasingly expecting transparency universally. 

• Examples: A cross-cultural study (Knappert et al., 2021) found that staffing practices align 

with local norms – e.g., in some countries job postings heavily emphasize required 

qualifications due to formal education signaling (like in Germany), whereas in others they 

emphasize adaptability and learning potential. This implies that what constitutes a “high-

quality JD” could have cultural variation. In Germany or France, a complete list of diplomas 

and certifications might be seen as essential information quality; in the US or Australia, that 

might be trimmed in favor of skills and experiences. Collectivist cultures (e.g., India, China) 

may include more information about team and company stability in the JD (to attract those 

valuing job security and group belonging), whereas individualist ones (US, UK) might 

highlight individual responsibilities and opportunities for personal advancement. These 

emphases can affect who applies. For instance, a very individualistic-tone JD in a 

collectivist context might turn off candidates who find it too self-centered or aggressive 

(“This company might not care about employees as a family,” they might infer). Thus, 

multinationals often localize job ads to resonate with local talent expectations. 

• Employer branding globally: In some cultures, employer branding and JD transparency 

are not just nice-to-have but legally or ethically expected. For example, in some European 

countries, honesty in job postings is taken seriously – misrepresenting a job could even have 

legal implications under false advertising or labor laws. In the US, it’s more caveat emptor 

(candidates must perform due diligence, though obviously outright lying is frowned upon). 

Collectivist cultures might not publicly call out an employer for a misleading JD (to save 

face), whereas in more individualist ones, you might see a Glassdoor review lambasting “the 

job was nothing like the description” (publicly shaming the employer, as we often see in 

Western contexts). This difference means the feedback loop on JD quality might be quieter 

in some places, but the impact on trust internally can still be significant. 

In essence, cultural and industry context act as moderators of our main findings. JD quality 

matters everywhere, but how you achieve it and what aspects to emphasize can differ. Our 

hypotheses likely hold across contexts (no one benefits from a poor JD), but the strategies to 

optimize JDs should be culturally aware. For example, in a collectivist setting, emphasizing 

how the role contributes to the team and mentioning the team’s stability could increase fit and 

attract the right talent (since candidates might care about group context), whereas in an 

individualist market, emphasizing personal responsibility and career progression in the JD 

might attract ambitious candidates who are the right fit for roles requiring initiative. 

Implication: Organizations operating in multiple countries should tailor JDs not only to the 

role but also to cultural expectations. The clarity principle still applies, but clarity might involve 

different types of information. For instance, in India, including detailed job location and shift 

timing might be crucial (due to commuting and family considerations in a collectivist society), 

whereas in the US, candidates might assume location and focus more on the role content. Being 

mindful of these differences can further improve the “right talent” attraction globally. As a 

reference, a CNA International article notes that adapting recruitment communication to 

cultural communication styles (direct vs indirect) is key – high-context cultures may require 
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reading between lines, but for a global company, it might be better to err on explicitness to 

avoid misinterpretation. 

5.5 Ethical and Employer Branding Implications of JD Quality 

Beyond immediate hiring outcomes, misleading or low-quality JDs carry ethical 

implications and can affect employer branding in the public eye. Two aspects stand out: (1) 

the ethics of honesty in recruitment, and (2) the long-term reputation consequences (public 

interest, trust, and brand). 

• Ethics of misleading JDs: Presenting a job inaccurately is ethically problematic because it 

can be seen as a form of misrepresentation or even deception. Candidates invest time (and 

sometimes quit other jobs) based on promises made in a JD. If those promises are broken, 

the employer has essentially performed a “bait-and-switch.” This can harm individuals’ 

careers and financial security. From a public interest standpoint (as noted in sources like 

Accountancy, Business and the Public Interest journal), transparency in hiring is tied to 

fairness and equity. For instance, Boddy (2024) argues that misrepresenting statutory rights 

(like describing legally mandated benefits as if they are special perks) is not just misleading 

but erodes trust in employers overall. Ethically, organizations should treat a JD as a good 

faith contract – it sets expectations on both sides. If a company knowingly posts an overly 

rosy JD hiding the downsides, it is essentially violating the principle of candor that 

underpins mutual trust in employment. Our findings on candidate drop-outs and negative 

reactions reinforce that people do feel wronged when misled. One could analogize false JDs 

to false advertising: it might attract buyers (candidates), but it’s considered a deceptive 

practice and can lead to regulatory scrutiny or legal liability in some jurisdictions. While 

few laws specifically govern JD honesty, consistently misleading hires could potentially 

expose companies to litigation (e.g., if an executive is recruited under clearly false pretenses, 

they might have legal recourse for damages). 

• Bias and inclusion (ethical lens): Another ethical aspect is bias in JDs. Unintentionally, 

JDs might use language that deters certain groups (gender-coded words, age implications 

like “digital native,” etc.). As noted, AI can reflect such biases if not checked. Ethically, 

companies have a responsibility to word JDs in a way that does not discriminate or 

discourage protected groups. Many countries have laws against discriminatory job ads (can’t 

specify age, gender, etc. unless bona fide requirement). Even subtle biases (like “young and 

energetic team” implying older candidates may not fit) are ethically questionable. Our 

discussion on AI and HR roles noted that careful review is needed to ensure inclusive 

wording. The ethical imperative is equal opportunity: the JD should not favor or exclude 

demographics unfairly. Misleading JDs can also be seen as ethical issues because they often 

go hand-in-hand with exploitation (e.g., a job described as 40 hours/week stable position 

turns out to demand 60 hours – that’s an ethical labor practice concern). 

• Employer branding and trust: JDs are often a candidate’s first formal interaction with a 

company. As such, they contribute to employer brand. A transparent, well-written JD signals 

a culture of honesty and respect for employees (signaling theory again: it’s not just about 

the job, it’s about what kind of employer you are). A study in ABPI by Mulabagula et al. 

(2024) emphasized that identifying the right candidates is crucial and that trust in the hiring 

process is part of a firm’s human capital strategy. If a company gains a reputation for 

misleading JDs or having a big reality gap, it can deter talent in the long run. In the age of 

social media and sites like Glassdoor, news spreads. We saw references that 61% of 

employees said their job differed from what was portrayed – that’s alarmingly high. Those 
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employees might not all voice it publicly, but many will. Glassdoor reviews frequently 

mention “the job was not as described.” Such comments can hurt an employer’s rating and 

dissuade future applicants. In contrast, companies known for forthright job posts might 

attract candidates who value integrity. A positive employer brand associated with honest 

communication can be a differentiator. In an era where “employer authenticity” is a 

buzzword, JDs are a very tangible piece of authenticity. LinkedIn’s report noted that posts 

which honestly described not just positives but challenges saw better candidate-to-hire 

conversion – effectively, honesty improved outcomes and likely left a positive impression 

on candidates (even those who didn’t apply often appreciate a realistic preview, which 

enhances brand respect: “I trust that company to be honest with me”). 

• Public interest and long-term impact: From a macro perspective (Accountancy, Business 

and the Public Interest context), fair hiring practices contribute to the efficient functioning 

of the labor market and societal trust in businesses. If many companies mislead in JDs, it 

could lead to a general wariness among workers, lower morale, and more turnover – which 

has economic costs. On the flip side, transparent JDs lead to better matches which benefit 

not only the firm but the employees (higher job satisfaction) and society (more stable 

employment). There’s also an ethical talent management angle: starting the employment 

relationship on a truth builds a foundation for a healthier employer-employee relationship. 

Starting it on a lie virtually guarantees cynicism and disengagement. For professions under 

public scrutiny (e.g., accounting firms recruiting auditors), being honest in recruitment is 

part of broader ethical standards (one could argue it aligns with professional codes of 

conduct valuing honesty). 

• Employer branding example: One of our references (Macmillan Davies HR Insights by 

Boddy, 2024) basically asked if misrepresenting things in JDs is damaging for recruitment 

– and the answer was yes. It ties directly to employer branding – candidates talk to each 

other; campus recruits share information. A company that inflates every job as “amazing 

growth opportunity” but internally people find out it’s mundane will lose credibility. 

Conversely, a company that openly says in a JD “this role involves administrative work and 

some overtime during quarter-end, but you will learn X” might at first seem less attractive, 

but those who join will come with eyes open and perhaps praise the company for being 

upfront. In employer branding terms, transparency can be a selling point: “We tell it like it 

is.” Some companies now explicitly incorporate a “What you might not like about this job” 

section in postings (a trend in some startups for realism). That honesty can scare away some, 

but strongly attract those who appreciate the forthrightness – likely yielding high fit and 

loyalty. 

In summation, ethics and employer branding reinforce the same message: high-quality, 

truthful JDs are not just operationally smart, they’re the “right” thing to do and they enhance a 

company’s reputation. Companies should treat candidates as stakeholders who deserve honesty 

– doing so will not only fulfill ethical obligations but also ultimately make the company more 

attractive to the kind of talent who value integrity (often the top talent). H4 and our broader 

findings have essentially highlighted the “cost” of being misleading: drop-outs, lost hiring time, 

turnover, negative word-of-mouth. The benefit of doing the right thing (accurate JDs) is 

inversely all those positive: higher retention, saved hiring costs, and a reputation for 

trustworthiness – which is priceless in a competitive talent market. Having discussed the 

findings relative to hypotheses and contextual factors, we will now address the limitations of 

this research and suggest avenues for future research (Section 6), before concluding with 

practical recommendations (Section 7) for leveraging JD quality to attract the right talent. 
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6. LIMITATIONS AND FUTURE RESEARCH 

While our study provides a comprehensive look at job description quality and its impacts, there 

are several limitations to acknowledge, which also open opportunities for future research: 

• Generality vs. Specificity of Case Studies: Our case studies (especially Case 1 and 2) were 

drawn from specific company scenarios (Fortune 500 companies, a tech firm for niche 

talent). These cases, while illustrative, may not capture all variables present in other 

contexts. For instance, company size and brand can influence applicant pool independent 

of JD quality (a very famous company might get many applicants even with mediocre JDs, 

whereas a small unknown company relies heavily on the JD to attract interest). Our analysis 

didn’t isolate brand effects. Future research could compare how JD quality effects differ for 

high-profile vs. low-profile employers. Additionally, our cases amalgamated data (e.g., 

Deloitte’s composite findings) – some granularity might be lost. Limitation: case results 

might not universally apply to all industries or company types. Future Research: Conduct 

sector-specific studies (e.g., healthcare vs. tech vs. finance) on JD practices, as well as 

research in small businesses or startups where JD formalization is often lacking, to see if 

improvements yield similar benefits. 

• Causal Inference: We largely assume that better JD quality causes better applicant 

outcomes. While evidence strongly supports this, the relationship could be bidirectional or 

influenced by a third factor (for example, a well-run HR department might both write good 

JDs and have better recruiting processes, so the outcomes are a combined effect). 

Limitation: This study is not a controlled experiment; it’s observational across multiple 

contexts. Future Research: Implement controlled experiments or A/B testing in real 

recruitment settings – e.g., randomly assign some job postings to be “enhanced” in quality 

(added detail, etc.) and keep others standard, then compare applicant metrics. Some 

companies or job boards could collaborate on such field experiments to establish causality 

more firmly. 

• Measurement of “Applicant Quality/Fit”: In our analysis, we used proxies like % meeting 

qualifications, interview rates, drop-outs, etc. These are useful but imperfect measures of 

quality and fit. For instance, someone meeting all qualifications on paper might still be a 

poor hire for other reasons; conversely, someone slightly under-qualified might become a 

star with training (something a rigid qualification filter might miss). Limitation: Our metrics 

don’t capture long-term job performance or retention of the hires, which are the ultimate 

indicators of hiring success. Future Research: Longitudinal studies tracking hires who came 

through high-quality vs. low-quality JDs to see differences in performance and retention. 

Also, incorporate more nuanced fit measures – e.g., supervisor evaluations of new hire fit, 

or the new hires’ own assessment of how well the job matched their expectations at 3 months 

in. 

• Focus on Written JDs vs. Other Recruitment Signals: We focused on the job description 

document itself, but in practice, candidates gather information from multiple sources (career 

website, recruiters’ communications, interviews). A clear JD could be undermined by 

misleading statements later, or vice versa. Limitation: We didn’t examine the full 

recruitment communication spectrum. Future Research: Consider the interplay between JD 

quality and other signaling channels. For example, does a transparent JD make candidates 

more forgiving of later stage issues? Or, how do JD expectations carry through to interview 

impressions? Also, with emerging media (video JDs, social recruiting), future research 
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could look at whether the principles of clarity and accuracy hold in those formats (likely 

yes, but worth exploring). 

• Cultural breadth: Our discussion addressed cross-cultural factors, but our primary data 

(cases, survey) were mostly U.S./UK-centric (Anglophone corporate context). We had to 

extrapolate for other cultures. Limitation: Findings might not fully generalize globally 

without adjustments. Future Research: Empirical studies in non-Western settings on JD 

effects – e.g., does improving JD clarity in, say, Japan or Brazil yield the same 

improvements in applicant quality? Are there cultural barriers to implementing some 

recommendations (perhaps managers in some cultures are less involved in JD writing due 

to hierarchy)? Comparative studies could enrich global best practices. 

• AI Evolution: The period of our study (up to 2024) is very early in the adoption of 

generative AI for JD writing. AI capabilities and company practices are evolving rapidly. 

Limitation: Our findings on AI might become outdated as AI models improve (for instance, 

future AI might better handle context or even incorporate feedback loops to refine applicant 

targeting). Future Research: Continuously track AI’s performance – e.g., experiments with 

fine-tuned models vs. generic models for JD writing. Also, examine long-term effects: do 

candidates perceive AI-written JDs differently? Perhaps survey candidates on whether they 

can tell or care if an AI wrote the posting. As “prompt engineering” becomes a skill, future 

research could also detail what types of prompts yield the best recruitment outcomes 

(essentially bridging HR practice and AI tech research). 

• Survey Limitations: Our pilot survey was small (N=70 total) and not randomly sampled; 

MBA students and a local HR group are convenient samples with potential biases (e.g., 

MBAs are more educated than average job-seekers, HR professionals in a chapter might be 

more attuned to best practices). Limitation: Survey results might not represent all job seeker 

or HR experiences. Future Research: Larger surveys across diverse industries, possibly 

distinguishing among different job seeker demographics (entry-level vs. experienced hires, 

etc.) to see how they value JD content. It would be valuable to quantify how many 

candidates actually read JDs thoroughly versus skim – which might influence how 

improvements translate to behavior. 

• Unmeasured Variables: A limitation in assessing drop-offs (H4 context) is that reasons for 

candidate withdrawal can be multifaceted – compensation issues, timing, counteroffers, etc., 

not just JD misalignment. We attribute many drop-outs to JD issues based on self-report and 

logical inference, but there could be confounds. Future Research: Could use exit surveys 

for candidates who drop out or decline offers: explicitly ask them about the JD vs reality. 

This would give more direct evidence linking JD honesty to later-stage outcomes. 

• Depth vs. Brevity in JDs: One area not deeply explored: is there an optimal length or detail 

level for a JD? We assumed more detail is good, but at some point too much detail might 

deter candidates (they won’t read a 3-page job ad). Limitation: We didn’t experiment with 

length or format variations. Future Research: Study how brevity vs. exhaustiveness affects 

applicant quality. Perhaps a highly concise but clear JD could be as effective as a very 

detailed one, if it hits key points (some tech companies use very short postings, relying on 

brand cachet – does that yield good fit or do they end up screening more?). Research could 

also consider the readability aspect (Flesch-Kincaid scores, etc.) – we touched on clarity 

but not on reading level. For example, highly technical jargon might be clear to an insider 

but gibberish to others; including a lot of it could either attract exactly the insider (good) or 
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confuse outsiders (maybe fine if outsiders aren’t desired, but it could also confuse early-

career candidates who could grow into the role). 

Future research directions summary: Controlled experiments on JD content, cross-cultural 

comparative studies, advanced AI-integrated recruitment experiments, and longitudinal 

tracking of hires are all promising avenues. Additionally, qualitative research (e.g., interviews 

with candidates about how they interpret JDs, or with recruiters about how they craft them) 

could complement quantitative findings to give richer insight into the why behind certain 

effects (for instance, hearing candidates describe how a misleading JD made them feel – 

betrayed, cautious, etc., which adds color to the quantitative outcome of them dropping out). 

Finally, we acknowledge that our analysis largely took the employer’s perspective (how to 

attract the right talent), but the employee/candidate perspective is equally valid: candidates 

aiming to find jobs that fit them rely on accurate JDs as well. Future research could flip the 

question: how do job seekers discern good vs. bad JDs, and how does that affect their job search 

success? This could further inform employers: if top candidates are avoiding postings because 

they look low-quality, that’s a hidden cost. 

By addressing these limitations and exploring these future directions, the field can develop a 

more nuanced and universally applicable understanding of job description best practices – one 

that keeps pace with technological changes and diverse work contexts. 

 

7. CONCLUSION & RECOMMENDATIONS 

Conclusion: This research has demonstrated that the quality of information in job descriptions 

plays a critical role in attracting the right talent. When JDs are clear, accurate, complete, and 

current, organizations benefit from applicant pools that are not only more qualified on paper 

but also better aligned in expectations – leading to smoother hiring processes and improved 

retention of new hires. We examined four hypotheses, and the findings can be summarized as 

follows: 

• H1 (Information quality → competent applicants): Supported. Higher-quality JDs (in 

terms of clarity, detail, credibility) were consistently linked to more relevant and competent 

applicant pools. Organizations that improved JD quality saw higher interview rates from 

their applicants and less time wasted on mismatches. Essentially, a good JD acts as a self-

selection mechanism, encouraging the right people to apply and gently discouraging the 

wrong ones. 

• H2 (AI-generated JDs – language vs. fit): Partially supported. AI-generated JDs do 

improve language quality and efficiency – they are well-structured and free of errors, and 

can save recruiters significant drafting time. However, without human oversight, they can 

reduce applicant–job fit due to lack of context or generic content, which can attract a 

broader, less-targeted applicant pool. With proper use (human-edited AI drafts with good 

prompt engineering), this downside can be mitigated. So, AI is a double-edged sword: a 

great enhancer but not a cure-all. The hypothesis holds in scenarios of naive AI use, but 

savvy use yields a more balanced outcome. 

• H3 (JDs by functional heads yield better applicants and lower drop-offs than HR or 

AI-written JDs): Supported. Case evidence and survey data indicate that when hiring 

managers write or heavily inform JDs, applicant quality improves and fewer candidates drop 

out mid-process. Functional heads bring accuracy and realism that prevent mismatched 

expectations. HR-written JDs alone were found to be less effective in technical accuracy, 

and AI-alone had issues in contextual fit. The best results came from functional head 
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involvement, often in collaboration with HR. This led to hires who said “the job was exactly 

as described,” reducing new-hire turnover due to unrealistic promises. 

• H4 (Inaccurate JDs → candidate back-outs): Supported. We found strong evidence that 

inaccurate or misleading JDs lead to higher candidate withdrawal rates during hiring and 

even after offers. When a JD paints a picture that reality doesn’t match, candidates feel 

disillusioned – some withdraw during interviews, others might even quit shortly after being 

hired upon realizing the mismatch. For example, if a JD over-sells growth opportunities or 

underplays challenging aspects, candidates often back off upon discovering the truth. 

Transparency and honesty in JDs were correlated with improved candidate retention through 

the hiring funnel and beyond. This underscores the cost of treating JDs as mere marketing 

fluff: accuracy is not just ethical but practical for keeping candidates engaged. 

In essence, job descriptions serve not only as announcements of vacancies, but as instruments 

of both attraction and filtration. They are most effective when treated as precise 

communications to a target audience (prospective candidates), much like a product brochure is 

to customers. Poor information quality in a JD is akin to false advertising – it might get people 

in the door, but it won’t lead to satisfactory outcomes. Good information quality, conversely, 

leads to what we might call “pre-validated” candidates: those who know what to expect and 

meet the expectations. 

Practical Recommendations: Based on these findings, several recommendations emerge for 

HR professionals and organizations aiming to attract the right talent through effective job 

descriptions: 

1. Adopt a Hybrid JD Development Process (AI + Human Collaboration): Leverage AI 

tools to draft initial job descriptions or suggest improvements, but always involve both HR 

and the hiring manager in reviewing and refining the content. This hybrid approach 

capitalizes on AI’s efficiency and format strengths, HR’s editorial and compliance eye, and 

the functional head’s technical/contextual knowledge. For example, an organization can 

establish a workflow: HR inputs basic role info into an AI JD generator → the hiring 

manager edits the draft for accuracy and role-specific detail → HR reviews the final draft 

for clarity, inclusivity, and branding. This can drastically reduce time-to-produce a high-

quality JD while ensuring all quality dimensions are met. AI can also be used post-draft as 

a checklist tool – e.g., ask AI “does this posting include all key responsibilities and any 

biased language?” Many HR software platforms now integrate such AI assistance. Training 

HR staff and managers on how to best use these AI tools (e.g., writing effective 

prompts) will enhance results. The goal is to let AI handle the mundane parts (formatting, 

boilerplate) so humans can focus on the nuanced content. 

2. Ensure Functional Input for Every JD: Make it a policy that no job description goes out 

without being reviewed or contributed to by the hiring department. Even if HR writes the 

first draft, the hiring manager or a senior team member should sign off, confirming that it 

accurately represents the job. Better yet, gather input via a quick questionnaire or meeting: 

ask the hiring manager about the role’s top 5 duties, required skills, and any recent changes 

to the job. Some companies even hold brief “JD calibration” meetings with a couple of top 

performers in that role to ask, “What do you think a candidate should know about this job 

before they apply?”. This can reveal details to add that HR or the manager might overlook. 

Such practice increases accuracy and completeness of JDs (and also gives managers 

ownership of the process). The functional experts ensure reality is correctly portrayed, 

while HR can still format and refine wording. This collaborative approach was implicitly 
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supported by our findings and directly recommended by sources like McKinsey. It also has 

a side benefit: hiring managers who help craft JDs are often more engaged in the subsequent 

hiring steps, which improves selection decisions and candidate experience. 

3. Highlight Clarity and Honesty – Don’t Oversell or Omit Challenges: Review JDs for 

realism. It might be tempting to gloss over demanding aspects (like overtime, strict 

deadlines, or that the company is in turnaround mode), but providing a truthful preview will 

save headaches later. This doesn’t mean the JD should be negative; rather, frame challenges 

as opportunities (“you’ll manage a high-volume workload – perfect for those who thrive in 

a fast-paced environment”). By doing so, you attract candidates who are up for it and deter 

those who aren’t, thereby reducing later-stage drop-outs. Also, be clear about requirements 

vs. nice-to-haves so candidates can self-select. For instance, if a job requires 50% travel or 

irregular shifts, state it plainly. Accuracy in these regards builds trust. In the digital age, a 

disappointed hire can quickly leave a scathing review about a role being misrepresented. 

Transparency in JDs contributes to a positive employer brand long-term (candidates 

will share “they were honest about the tough parts, and it was exactly as said”). If internal 

stakeholders worry that including challenges will scare everyone off, share our findings: the 

right people won’t be scared – they’ll be the ones who appreciate the candor and are 

confident they can handle the challenge. It’s better to have a slightly smaller pool of well-

informed, capable candidates than a large pool of misinformed ones. 

4. Use the Five Dimensions as a Quality Checklist: Before posting any JD, do a final quality 

check against the five dimensions discussed: 

o Completeness: Does it cover what the person will do, the skills/experience needed, 

and relevant logistical details (location, schedule, etc.)? If anything essential is 

missing (e.g., reporting line, project scope, travel requirement), add it. 

o Accuracy: Is everything stated correct and up-to-date? Double-check any technical 

terms or level descriptions truly reflect the job. Remove or update outdated info (e.g., 

an old software or responsibility that’s no longer part of the role). If uncertain, ask 

someone currently in that role or the manager. 

o Relevance: Is all included information necessary for this role? Trim out generic 

corporate jargon or filler that doesn’t help a candidate decide or understand the role. 

Candidates appreciate concise yet informative postings. Every sentence should answer 

the candidate’s question: “What would I do or need to have for this job?” 

o Timeliness/Currency: Make sure the JD reflects the current state of the job and 

company. If using a template from last year, update any sections that changed (maybe 

the team grew, or the role’s focus shifted). If there’s a closing date or an urgent start 

timeline, include that so candidates know to act promptly (timeliness can also mean 

letting candidates know if you plan to hire fast or keep the requisition open). 

o Consider maintaining an internal JD repository and schedule periodic reviews (say 

annually or when a role is refilled) to keep them current. Some companies assign JD 

maintenance to line managers as part of performance goals, acknowledging its 

importance. 

Using such a checklist before posting improves JD quality and thus applicant responses. In 

practice, HR can create a one-page “JD Quality Assurance” form to be ticked off for each new 

posting. It may seem like extra work, but it’s far less work than dealing with a bad hire or 

rehiring due to turnover. 
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5. Invest in Training and Guidelines for JD Writing: Not all managers (or even HR staff) 

are naturally good at writing job descriptions. Many managers are subject matter experts but 

not versed in effective job ad writing. Conduct short training sessions or provide simple 

guidelines for hiring managers on how to write or contribute to effective JDs. Share 

examples of well-written JDs versus poor ones to illustrate best practices. Emphasize 

avoiding bias (use “they will…” rather than “he will…”, etc., to keep language inclusive) 

and encourage focusing on skills over rigid credentials (reflecting the trend toward skills-

based hiring to widen talent pools). A guided template can help: for instance, a template that 

prompts for “Key responsibilities (5-7 bullet points)”, “Must-have qualifications (list 3-5)”, 

“Nice-to-have qualifications”, “Day in the life example”, etc. This ensures consistency and 

completeness. When both HR and managers have a common understanding of what a great 

JD looks like, the process is smoother and outputs more consistently high-quality. Consider 

involving marketing or communications teams in polishing language, since they have 

experience in messaging clarity. Some organizations even have an internal JD writing 

service (HR specialists who craft JDs in partnership with managers); if resources allow, that 

can ensure quality control. 

6. Monitor Outcomes and Gather Feedback: The work doesn’t end once the JD is posted. 

After a role is filled, conduct a debrief: Did the job description do its job? Ask the hiring 

manager: did the candidates who applied meet the expectations set by the JD? Ask the new 

hire: did the job match how it was described? If any patterns of misunderstanding emerge 

(“I thought the role would involve X because the posting implied that”), use that as a 

learning to adjust the JD for next time. Treat JDs as living documents that evolve with 

continuous improvement. Some forward-thinking companies even A/B test different JD 

wording or formats to see which yields better applicant quality (similar to how marketing 

teams test consumer ads). HR can adopt a data-driven approach: e.g., vary the emphasis on 

certain perks or role aspects in two otherwise similar job postings in different regions and 

compare the applicant quality or diversity metrics. Over time, build internal knowledge of 

what works best for your target talent segments. 

By implementing these recommendations, companies will likely see stronger applicant pools 

– more candidates who meet the job criteria, fewer unqualified resumes to sort through, and 

candidates who are enthusiastic and informed about the role (leading to better interviews and 

higher offer acceptance rates). The recruitment funnel becomes more efficient when the top of 

the funnel – the job description – is optimized for quality. 

Ultimately, from clarity comes competence in the hiring pipeline: clarity in the job 

description leads to competent candidates aligning themselves with the opportunity. In a talent 

market where skills are scarce and candidates are selective, employers cannot afford to have 

subpar job descriptions. By treating the JD as a strategic asset and ensuring high information 

quality, organizations signal respect to potential hires – respecting their time and career 

decisions by giving them the information needed to make an informed application. This not 

only attracts the right talent but also creates a positive impression that can differentiate an 

employer in a crowded job market. As tools and techniques for crafting JDs (like AI) advance, 

the human element of understanding what information candidates need and value remains 

paramount. Merging those effectively is the key to attracting talent that is the right fit, right 

from the start. 
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